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Abstract

Several Luxury Fashion brands have already implemented Al systems in their businesses.
However, with the emergence of robots and virtual assistants, it became essential to understand
if and how customers could adopt these new services inside the stores to buy Luxury Products.
The robots/virtual assistants aim to offer customers an innovative and personalized shopping
experience. This thesis aims to understand which factors contribute most to the Intention to Use
these services and how this influences the Purchase Intention.

The data for the development of this study were collected by a questionnaire, distributed
online, and built based on the research on the topic of this dissertation. Through the analysis, it
is possible to conclude that Fun, Ease of Use, and Quality of Service positively influence the
Trust one has in that Service. Convenience is positively influenced by Ease of Use and Service
Quality. Enjoyment and Service Quality negatively influence the Need for Human Interaction,
decreasing this Need. Furthermore, Trust and Convenience positively influence Use Intention,
while Need for Human Interaction has a negative effect on Use Intention. Thus, it is concluded
that Use Intention positively impacts Purchase Intention.

Thus, Luxury Brands need to create communication and implementation strategies that

facilitate the adoption process of these services.
Keywords: Artificial Intelligence, Robot, Virtual Assistant, Intention to Use, Purchase

Intention, Luxury Fashion

JEL: M31, M39
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Resumo

Diversas marcas de Moda de Luxo j& implementaram sistemas de IA nos seus negocios. Com
o aparecimento de robots e assistentes virtuais, tornou-se importante perceber se e de que forma
os clientes poderiam adotar estes novos servicos dentro das lojas para comprar Produtos de
Luxo. Os robots/assistentes virtuais tém como grande objetivo oferecer ao cliente uma
experiéncia de compra inovadora e personalizada. Esta tese visa compreender quais os fatores
que mais contribuem para a Intengcdo de Uso destes servigos, e de que forma isso influencia a
Inten¢do de Compra.

Os dados para o desenvolvimento deste estudo foram recolhidos por um questionério,
distribuido online e construido com base na pesquisa sobre a topico desta dissertacdo. Através
da andlise feita, ¢ possivel concluir que o Divertimento, a Facilidade de Utiliza¢ao e a Qualidade
do Servico influenciam positivamente a Confianca que se tem nesse Servigo. Ja a Conveniéncia
¢ influenciada positivamente pela Facilidade de Utilizagdo e pela Qualidade do Servigo. A
Necessidade de Interagdo Humana ¢ influenciada negativamente pelo Divertimento e pela
Qualidade de Servico, ou seja, diminuem essa Necessidade. Para além disso, € possivel verificar
que a Confianga e a Conveniéncia influenciam positivamente a Inten¢do de Uso, enquanto a
Necessidade de Interagdo Humana tem um efeito negativo na Inten¢do de Uso. Conclui-se desta
forma, que a Intengdo de Uso tem um impacto positivo na Intengdo de Compra.

Desta forma, as Marcas de Luxo necessitam de criar estratégias de comunicagdo e de

implementagdo que facilitem o processo de adocao destes servigos.
Palavras-chave: Inteligéncia Artificial, Robd, Assistente Virtual, Intencdo de Uso, Intengdo

de Compra, Moda de Luxo
JEL: M31, M39
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1. Introduction

Artificial Intelligence is becoming increasingly a reality, present in several activity sectors, and
can be used in several functions (Joshi, 2019). In this way, it can be defined as “a system’s
ability to interpret external data correctly, to learn from such data, and to use those learnings to
achieve specific goals and tasks through flexible adaptation” (Kaplan & Haenlein, 2019, p.17).
This way, Artificial Intelligence can be integrated into Retail and help companies change their
business paradigm, improve processes, and make more efficient management.

Nowadays, Artificial Intelligence is also inserted in fashion retail on several fronts: it
allows better communication, more personalized to each customer; it enables making product
recommendations based on information such as previous purchases or body type; it allows the
launch of new products based on information gathered from customers (Davenport et al., 2020;
Kaplan & Haenlein, 2019).

Luxury brands are understood as brands with high quality, a premium price, and a
prestigious image that offer their customers authentic value on an emotional and functional
level and that build a unique bond with their customers (Ko et al., 2019), have also started to
use Al in their business. Luxury fashion brands, too, are already showing changes in this
direction. Several brands have already developed systems such as chatbots, and
recommendation systems, both on websites and in physical stores, through applications. To this
can be added applications that help salespeople to have real-time information about customers
(Deloitte, 2020).

With the emergence of service robots, it becomes crucial to understand how much they can
help luxury brands improve their business and enhance the customer experience. Applied to the
context of this dissertation, robots are seen as Fashion Robots, which adopt human
characteristics, and are machines that aim to create a personalized customer experience. They
can recommend clothes, entertain customers by talking to them and recognizing their emotions,
help the store staff with the information needed to give the customer the best possible service,
and even complete transactions (Song & Kim, 2022). Service robots can also be understood as
virtual assistants. They are capable of the same activities. However, they express themselves
by voice or text (Hsieh & Lee, 2021).

This study aims to understand if adopting these Al services contributes to higher customer
purchase intentions and how brands can work to make the acceptance and adoption process
more manageable. This study will provide contributions at the theoretical and managerial levels
so that brands can implement strategies to address consumers' needs and concerns regarding

Al



1.1. Research objectives and research questions
It is possible to structure the following objectives for this dissertation:

1) Explore Luxury Brand, Luxury Fashion Brand, and Luxury Brand Consumer concepts;

2) Explore the concept of Al, what influences its adoption, and its problems, as well as
explore the ideas of Service Robots that include Fashion Robots and Virtual Assistants;

3) Realize how Al is already impacting Luxury Fashion Retail;

4) Explore the concepts of Enjoyment, Ease of Use, Service Quality, Trust, Need for
Human Interaction, Convenience, and Intention to Use and how these variables impact
Purchase Intention,;

5) Provide theoretical and managerial contributions so Luxury Brands can implement
strategies to improve the consumer experience.

Primary research will be carried out to meet the objectives mentioned above. This research
will be focused on understanding the concept of a luxury fashion brand and the consumer profile
of this brand, giving a type of contextualization necessary to understand what Al is, the forms
it can adopt, and the impact it has on Luxury Fashion Brands. In addition, this primary research
will also address understanding the concepts of Enjoyment, Ease of Use, Service Quality, Trust,
Need for Human Interaction, Convenience, Intent to Use, and Purchase Intention and relate
them to the theme of this dissertation.

After that, data will be collected through an online questionnaire, and this data will lead to
conclusions about customers' perception of Al services, what their needs and concerns are, how
likely consumers are to adopt these Al services, and how this can have a positive impact on
Purchase Intention. Thus, this study aims to answer the following questions:

i.  How does an Al service that is easy to use, provides an enjoyable customer experience,
and is perceived as being of high-quality influence Trust, Convenience, and the Need
for human interaction?

ii. ~ What role do Trust, Need for Human interaction, and Convenience play in Intention to
Use Al Services?
iii.  Does Intention to Use of robots/virtual assistants impact the purchase intention in

physical stores?

1.2. Dissertation Structure
The present dissertation is divided into five main parts, as shown in Figure 1.1.. The
Introduction aims to introduce the theme of this dissertation and its relevance. The next part

consists of the Literature Review. It aims to compile relevant concepts and theories for this

2



study and provide the framework for constructing the research model and formulating
hypotheses. The Methodology part explains how the study was done and how the data for the
study were collected. The results chapter analyzes the data collected through descriptive,
reliability, and multiple linear regression analysis to validate the hypotheses and the subsequent
discussion of the results. The conclusion and implications are the last chapter of this thesis,
which has as its primary objective to summarize the main findings of this study and its
implications for management. Also included are the limitations of this study that give rise to

suggestions for future research.

Introduction

Literature Review

Purchase Luxury Brand Al Need for

Intention ) Human
Service Enjoyment Interaction

Trust Robots
Service Intention to
Convenience Ease of Use Quality Use
Methodology
Results

Conclusions and Implications

Figure 1.1.: Structure of the dissertation
Source: Own elaboration



2. Literature Review
2.1. Luxury brand and Luxury Fashion Brand
There is no entirely accepted definition of a luxury brand since the concept of luxury is
subjective, and the perception of luxury varies over time and space (Cristini et al., 2017; Ko et
al., 2019; Mortelmans, 2005). However, several definitions present dimensions such as high
quality, rarity, high price, and a distinctive aesthetic. Despite what was mentioned above, a
luxury brand ultimately depends on the customers' perception of that particular brand (Ko et
al., 2019).

Thus, Ko et al. (2019) propose the following definition:

A luxury brand is a branded product or service that consumers perceive to be high quality;
offers authentic value via desired benefits, whether functional or emotional; has a prestigious
image within the market built on qualities such as artisanship, craftsmanship, or service
quality; be worthy of commanding a premium price; and be capable of inspiring a deep
connection, or resonance, with the consumer. (p. 406)

One characteristic that differentiates luxury brands from non-luxury brands is the
psychological and functional benefits since they often correspond to the psychological needs
of consumers (Vigneron & Johnson, 2004).

However, luxury is more than a list of attributes. It is a concept and one that is dependent
on the social and individual context. Thus, it can be seen through three dimensions: the material,
the individual, and the social (Berthon et al., 2009). There is a proposed theory that is based on
the "three worlds theory" (Popper, 1979): “World 1) manifest goods and services; (World 2)
individual thoughts, emotions, needs, wants, and perceptions; and (World 3) collective
narratives, knowledge, symbols, and images.” (Berthon et al., 2009, p. 47) In addition, Keller
(2002) suggests that consumers attach meaning to a given product's attributes, which can be
functional, symbolic, or experiential. For this reason, for Berthon et al. (2009), luxury brands
are divided into three dimensions: functional, experiential, and symbolic, relating to the “theory
of worlds” mentioned above.

The functional dimension is linked to the material embodiment of the products, i.e., the
function the objects perform and the benefits that can be derived from this (Berthon et al., 2009).
Luxury brands are strongly associated with high quality, and it becomes unsustainable to
maintain a brand image if one does not continue to invest in improving the quality effectively

of higher levels (Christodoulides et al., 2009). Therefore, differentiated aesthetics becomes a



prominent factor in a luxury brand and the perception of luxury. Brands have their aesthetic
design and ideologies enhanced by their creators but also by the creative individuals who
contribute to the creation of pieces, often distinguished as works of art that create in the
consumer the idea of superiority and exclusivity (Dion & Arnould, 2011; Townsend & Sood,
2012).

Wealth is essential in defining social status and considering cultural aspects (Han et al.,
2010). Thus, buying/using high-priced products, or products known to be high-priced, is a
factor that contributes to show that one belongs to a higher social status. Consequently, high-
priced products are intrinsically linked with luxury for those who do not have enough money
to buy them (Eastman & Eastman, 2011). Although a high price does not mean it is a luxury
product, it is described as having a premium price compared to products with similar
functionality. On the other hand, exclusivity and rarity are unique characteristics of luxury
products (Kapferer, 2008).

The experiential dimension is related to the subjective value given to a brand or product
and is relative and personal. That is, it is directed to the personal value and hedonic values of
the individual. It is related to emotions, feelings, sensations, perceptions, cognitions, and
behavioral responses evoked by stimuli provoked by brands (Brakus et al., 2009; Stigler &
Becker, 1977).

The symbolic dimension is intrinsically linked with what the brand means to others, that is,
what it signals to others, as well as the value that this signalization gives to the consumer, that
is, it serves to build or strengthen a particular perception that others have of the consumer
(Berthon et al., 2009). Given that luxury products are associated with a higher social status,
they signal with those the consumer considers to be in the same social status (Han et al., 2010).
The more a product is perceived as unique, the more it is perceived to be valuable (Becker et
al., 2018). Consequently, the value of these products is related to their perceived value in a
social context and not precisely to their physical characteristics (Vigneron & Johnson, 2004).

The meaning of luxury is a social context-oriented concept as well as self-interest, meaning
that luxury has outward-oriented meanings and meaning for the consumer's identity (Llamas &
Thomsen, 2016; Wiedmann et al., 2009). It should be noted that these dimensions vary
depending on the context. The symbolic and functional dimensions vary according to the
context in which the consumer is inserted. As for the experiential dimension, since it is linked
to the individual perception of the consumer, it can vary considering the consumer's evolution

or change in tastes and preferences (Berthon et al., 2009).



According to Jackson (2004), there are four categories of luxury products: watches and
jewelry, wines and spirits, perfumes and cosmetics, and fashion, which encompasses couture,
ready-to-wear, and accessories. More recently, other categories have been added: luxury cars,
hotels, tourism, private banking, home furnishings, and airlines (Chevalier & Mazzalovo,
2008).

Luxury fashion brands have the characteristics of luxury brands in the fashion industry (Ko
et al., 2019). Fionda and Moore (2009) established vital characteristics of a luxury fashion
brand. As far as brand identity is concerned, it is linked to the symbolism (intangible values
inherent to the brand) that the brand brings beyond all the functional benefits. Functional
benefits are another essential product integrity feature encompassing high quality, innovation,
and creativity. In addition, brands may not be inserted in the fashion sector, but this represents
an ideal weight for their identity (Fionda & Moore, 2009; Jackson, 2004).

Communications in marketing can be "fashion shows, celebrity endorsement, advertising,
direct marketing, event sponsorship, and PR" (Fionda & Moore, 2009, p.358). Some of these
media aim to raise awareness, as well as make the brand more and more attractive to its target,
developing a global reputation, but it is essential to use media that provide a closer relationship
with each customer, as well as more personalization (Chevalier & Mazzalovo, 2008; Fionda &
Moore, 2009).

All luxury fashion brands need to have a "signature" and be consistent in all their elements,
i.e., have a recognizable style in any component of the brand. In addition, many brands have
iconic products that further create this idea of "DNA". The iconic products of the brands are
those that are the most characteristic and in which are embedded the brand's DNA, as well as
characteristics that convey the values of the creators as well as the brand (Fionda & Moore,
2009; Kapferer, 2008; Nueno & Quelch, 1998). The same applies to brand employees, who
must follow the "signature", i.e., the brand's values and ideas (Fionda & Moore, 2009).

Price is a factor of great importance when it comes to the characteristics of luxury fashion
brands since price induces high quality and distinctive aesthetics, as well as exclusivity because
it decreases the number of people with access to the product. Therefore, exclusivity is inherent
in luxury brands (Phau & Prendergast, 2000). Exclusivity can be controlled through distribution
channels (Fionda & Moore, 2009), and many luxury brands adopt the option of launching
limited edition products, which will create in the consumer the idea of these products being
more valuable, exclusive, and distinctive (Aggarwal et al., 2011; Jang et al., 2015).

Heritage is also a characteristic of this type of brand and is closely related to the brand's

history. It is also based on their country of origin and how they were founded and related to the
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notions of luxury built in the social context. This induces the idea of authenticity. Companies
must not lose this factor and try to keep it present (Alexander, 2009; Fionda & Moore, 2009;
Kapferer, 2012).

The store environment is the gateway to many brands. This should be of excellence and
give the consumer a different experience since it must differentiate from a typical store. The
service is also an integral part of this environment since it must also be of excellence, giving
priority to each of the customers and maintaining a close and personalized relationship with the
needs of each customer. As for distribution channels, they must follow the brand values and be
subject to high control because these channels will also be part of the customer experience
(Fionda & Moore, 2009).

The total luxury market decreased by 12.2% in 2020. It can also be seen that most
companies in the luxury sector are in “Jewelry and Watches” (33%). However, in the “Clothing
and Footwear” category, the sales percentage was higher (34.2%). It is also worth mentioning
that the top company of Luxury Goods is LVMH, which owns several top brands such as Louis

Vuitton, Christian Dior Couture, Fendi, Loewe, Loro Piana, and many others (Deloitte, 2021).

2.1.1. Luxury Brand Consumer

The oldest theory for the motivation of luxury consumption is that proposed by (Veblen,
1899/2009), who proposes that consumers consume to show off their wealth to others, who
subsequently deduce status and power from these consumers.

The theory of social comparison proposes that consumers are embedded in a social group
and tend to conform to the norms of that group. This influences the brands adopted, contributing
to the acceptance in that social group and the feeling of self-satisfaction (Mandel et al., 2006;
Wiedmann et al., 2009). Self-concept theory can be considered another motivator of luxury
consumption. Brands can make consumers feel identified and feel good about themselves for
having a product of a particular brand (Gil et al., 2012; Shukla & Purani, 2012). In other words,
consumers seek luxury brands to improve their self-concept (Ko et al., 2019).

The need for uniqueness in the human being (Singularity theory) makes him need to seek
the difference from others, and this can be done through the consumption of luxury products
since they are scarce products due to their characteristics and that are not within reach of most
people (Bian & Forsythe, 2012), which may improve the image that he has of himself as well
as how others perceive him (Tian et al., 2001). The extended self is another theory based on

using certain products and brands to form and change their identity to meet what they hope to



be. It also reinforces the symbolic value that luxury products have for the consumer as a way
of extending their identity (Belk, 1988; Han et al., 2010; Hung et al., 2011).

McFerran et al. (2014) suggest that authentic pride, which is associated with consumer
success, 1s a motivator of luxury consumption which is no longer the case with hubristic pride,
which refers to an exaggerated pride linked to narcissism. Wang and Griskevicius (2014)
suggest that demographics also impact the type of consumer and their motivations: men use
luxury branded goods to highlight their wealth and success. On the other hand, women tend to

use luxury goods to indicate to other women that their partner is dedicated to them.

2.2. Artificial Intelligence

Kaplan and Haenlein (2019) describe “Al (Artificial Intelligence) as a system’s ability to
interpret external data correctly, to learn from such data, and to use those learnings to achieve
specific goals and tasks through flexible adaptation” (p.17). Al is understood as a system that
mimics human intelligence and function through learning systems. First, there is a large amount
of data processing, and then the display is adapted to the function for which they were designed
(Kaplan & Haenlein, 2019; Syam & Sharma, 2018).

Al has already affected various sectors because it is already used in various functions. The
degree of similarity of Al in replicating the human brain serves as the criteria for establishing
the types of Al. One of the classifications is based on the similarity of the Al system to the
human mind and other capabilities referring to humans. Thus, there are four types of Al:
reactive machines, limited memory, theory of mind, and self-aware (Joshi, 2019).

Relative machines are the oldest form of Al and have limited capabilities, i.e., they have
no memory-based functionality, meaning they cannot "learn" from past experiences. They only
can respond to stimuli (set of inputs). Al systems with limited memory are almost all known
today. This type of machine has the same capacity as the previous one, but it can also learn
from previous data, which, after being processed, leads to decision-making; that is, they use
past models to be able to give answers in the future. Theory of Mind Al is the next level of Al
that researchers are working on developing. This level of Al will have the ability to understand
the entities it is interacting with, i.e., it will have to have the ability to understand humans and
all that they encompass, such as emotions, expressions, needs, thought patterns, and beyond
that, the various factors that can interfere with people. The last one is the self-aware Al, which,
as the name implies, will have self-concern and be the most like a human. It will be able to
understand everything around it, but will also have its consciousness, i.e., develop its ideas and

beliefs, and feel and create its own needs. This level of Al is still hypothetical, but it raises some
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problems since it will almost have a "life of its own," which calls into question inevitable
existing ethical values (Joshi, 2019).

According to Kaplan and Haenlein (2019), there are three types of Al evolution stages:
artificial narrow intelligence (ANI) refers to performing specific tasks in a particular area with
the inability to proceed in other areas. When it comes to the second phase, Artificial General
Intelligence (AGI), it is already an Al that is at the human level. Therefore, it can perform
various tasks, even those for which it has not been programmed. It is thus on a level equal to
that of a human. On the other hand, Artificial Super Intelligence (ASI), the third phase that
people may see coming, will be fully conscious systems that can perform any human capability
and are therefore considered to be above the human level.

Another distinction regarding intelligence level is task automation versus context
awareness (Davenport & Kirby, 2016). The first level of intelligence induces that Al is based
on specific rules with a certain logic, which leads to predictable results (Davenport et al., 2020;
Huang & Rust, 2018). On the other hand, An Al system that involves context awareness will
have to have an extensible processing beyond that for which it was programmed and obtain
results according to the context in which it is inserted (Huang & Rust, 2018).

About learning methods: "Supervised learning methods map a given set of inputs to a given
set of (labeled) outputs." (Kaplan & Haenlein, 2019, p.19). This means that both the inputs and
the outputs need to be known to the analyst (De Bruyn et al., 2020). For example, in an Al
system with this learning paradigm, data will have to be labeled first, which can be adversity
(Voetal.,2018). "Unsupervised learning helps find patterns in data without pre-existing labels"
(De Bruyn et al., 2020, p.95). This means that the output provided by the Al system is derived
from the algorithm itself (Kaplan & Haenlein, 2019). In Reinforcement learning, systems learn
to discover complex relationships among the thousands of available data autonomously. In this
way, the system learns to make decisions in its context to maximize rewards, i.e., the output

variable tends to be maximized (De Bruyn et al., 2020; Kaplan & Haenlein, 2019).

2.2.1. Adoption of Al and Al’s problems

According to Loureiro et al. (2021), using Al has implications for businesses and the entire
universe around them. Managers will need to be able to implement Al along with the
capabilities of their employees. This management must be based on creating the idea that Al
will be an improvement throughout the company and not a way to replace those already working
there (Kaplan & Haenlein, 2019). Al will influence the whole sales process, but special

attention is needed for salespeople, as they must integrate Al into their role and adapt their skills
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which means they will have to adapt to the fact that their functions were also performed by the
IA (Kaplan & Haenlein, 2019). Salespeople will have to be trained continuously to be able to
adapt and make the best use of these systems and also to be able to deal with the associated
problems: privacy and ethics (Barro & Davenport, 2019; Davenport et al., 2020).

For an Al system to work, consumers need to accept it and to do that, they need to have
confidence in what is being provided. This trust will come through a better understanding by
consumers of what Al is. Thus, this adaptation must go through a transparent process in which
the brand can show the consumer how these systems work and what benefits they can bring
(Davenport et al., 2020; Siau & Wang, 2018). Consumers have high standards regarding Al,
particularly regarding errors that may occur, as trust is still low. However, the more evolved
the intelligence of Al systems, consumer trust will tend to be lower because they believe that
Al cannot have specific emotional or social capabilities (Castelo, 2019).

The demographic factor stands out because women are less likely to adopt IA systems, as
they perceive more risk and adopt less risky attitudes (Byrnes et al., 1999; Castelo & Ward,
2016; Gustafson, 1998). Al will also have to be regulated by governments and the entire
universe that works with it: there is a need to create legislation that does not allow the misuse
of AL There is also the issue of privacy involving consumers. Europe has created the General
Data Protection Regulation. The legislation in each country will have a significant impact on
the way Al evolves (Kaplan & Haenlein, 2019).

With AT and data, companies know much about their customers. However, this raises a big
question, as customers are concerned about how their data will be used (Martin et al., 2017,
Martin & Murphy, 2017). Therefore, companies must assure their customers that their data is
only stored for set purposes. However, this assurance is not that easy, as the question arises
whether this assurance should be regulated by governments or will be realized by self-
regulation. In addition, it is also necessary to know how to manage situations where there is a
data privacy breach, and many companies may not be able to do this (Davenport et al., 2020;
Verhoef et al., 2017).

Another problem that can arise from using Al is data bias, which can lead to wrong
decisions being made, and this data may already be wrong when it enters the Al system
(Villasenor, 2019). Another problem inherent in Al is ethical issues, which vary significantly
from culture to culture. Thus, corporations must know how to define for what kind of purposes
Al can be used since there is no worldwide conduct of what is right or wrong when analyzing

and judging situations (Davenport et al., 2020; Vakkuri & Abrahamsson, 2018).
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There is a big question related to the third phase of Al evolution- the super artificial
intelligence (ASI): whether it is something to use or to avoid since it will quickly perform more
than a human would be capable of, much faster. Considering that human, humanly thinks like
that, it becomes unfeasible not to understand these kinds of systems and, consequently, the
ability to control them entirely. Another primary concern is the replacement of humans by
machines. Some tasks are unlikely to be replaced through AIl. However, if it happens, this
degenerates into more significant problems such as financial issues, ethics, or philosophy,

which concerns the life purpose of the human being (Kaplan & Haenlein, 2019).

2.3. The impact of Al in marketing and luxury fashion retail

Al can help companies' marketing and change many business models. This can be done through
predictive capability regarding customers. This will allow companies to provide "goods and
services to customers on an on-going basis based on data and predictions about their needs."
(Davenport et al., 2020, p.35). In addition, Al plays a vital role since it can process a large
amount of customer data "involving not just numerical but also text, voice, image, and facial
expression data." (Davenport et al., 2020, p.26). Through this process, Al allows companies to
shape their advertising, considering customers' preferences and predicting products they might
buy, considering previous purchases and searches (Davenport et al., 2020). In customer service,
chatbots are already generating automatic responses (Kaplan & Haenlein, 2019).

Furthermore, AI helps in better segmentation, targeting, and more personalized
communication, so consumers can access messages and personalized treatment according to
their preferences, which can be repeated for all consumers (Kaplan & Haenlein, 2019; Kosinski
et al., 2013). It can also influence prices as well as promotions. This way, can be created more
adjusted prices, considering the databases created previously and the type of appropriate
promotions based on customer behavior processed by the Al (Davenport et al., 2020; Shankar,
2018).

However, Davenport et al. (2020) raise an important issue related to RNPs (Really new
products). The prediction that Al can provide to companies will undoubtedly help them in
incrementally new products (INPs) since consumers already know about the product and its
benefits. Whereas when it comes to RNPs, consumers are not aware of the benefits and
usefulness of the new products, and consequently, the involvement may be lower (Hoeffler,
2003; Zhao et al., 2012).

Luxury brands are increasingly betting on analyzing data through Al and using more VR

(Virtual Reality) applications. Creating an omnichannel presence is imperative in an
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increasingly technological world and consumer adoption of online channels. This way, they can
create deeper connections with customers through engagement and increase loyalty (Deloitte,
2020).

Al already has significant power in the fashion industry because it can predict which
garments best fit the customer's style. This can help the garments' sales and creation since the
designers know consumers' preferences. This Al system involves the customer's previous
preferences, preferences of customers who have similar choices to that same consumer, and
their research on other platforms. It is also able to define a customer's overall style. In this way,
designers can extract information, bring their creations closer to customers' choices, and thus
boost sales (Davenport et al., 2020)

Several brands already use Al systems to be able to go more and more to their customers.
Gucci, in partnership with Farfectch, has launched a system that allows retail staff to send
recommendations to their customers' smartphones inside the stores based on the customer's
profile, the products he has already bought in the store, and his wish list. Furla created an app
that allows salespeople, in real-time, to access the brand's database, where information such as
preferences and customer histories are available. This way, stores are more adapted to the
geographic point where they are located. Several brands, like Tommy Hilfiger, Louis Vuitton,
or Dior, have already created chatbots. Hugo Boss has installed an Al system in its factory in
order to improve its production process and avoid errors by collecting data from workers and

machines (Deloitte, 2020)

2.4. Service robots, Fashion Robots Advisors and Virtual Assistants
The study of consumer experience can be extended when including the study of robots that
provide services (Lu et al., 2019). Robots are beginning to be seen as a future practice in
people's daily lives (Choi et al., 2020). Service robots are present in various industries, robots
can take the physical form in which they act face-to-face with the consumer, or they can take a
virtual form (Huang & Rust, 2018; Lu et al., 2019). Based on artificial intelligence, service
robots aim to serve the customer as a human. In this way, they aim to interact and communicate
and provide services. Imitating human intelligence, they make autonomous decisions through
processing received data, as mentioned before (Lu et al., 2019; Wirtz et al., 2018). “They are
usually designed to (...) perform cognitive—analytical tasks or emotional-social tasks
empowered by a computerized system.”(Lu et al., 2019, p.37).

“FRAs are Al machines designed to create personalized shopping experiences by

recommending clothing, providing product information, entertaining customers, collaborating
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with in-store human staff, updating real-time inventory information, and completing purchase
transactions.” (Song & Kim, 2022, p.5). Robots can have several functions, most notably
assisting the customer in all stages of the sales process and helping the store staff in the sales
process (Song & Kim, 2021; Song & Kim, 2022).

Robots, especially those related to fashion, have increasingly been programmed to adopt
human characteristics, both in appearance and functionality. The humanoid characteristics
enhance the interaction between the customer and the robot and make the whole process easier
and more pleasant (Song & Kim, 2022). In addition, they are also an extremely relevant factor
in the co-creation process of the brand, providing insights for improvements of the system itself
in order to improve the consumer's whole experience, as well as providing insights for the brand
to create products that meet their needs and desires (Song & Kim, 2021; Wirtz et al., 2018).

Pepper is an example of a human-like robot that can recognize and interpret "customers'
facial expressions, body movements, and verbal expressions" (Song & Kim, 2022, p.5) and thus
can interact socially with customers, as well as interpret their emotions (Song & Kim, 2022).

“Virtual assistants are computer programs that understand user queries and complete a
limited set of tasks for the user” (Hoyer et al., 2020, p.59). Virtual assistants have been shown
to have numerous technical capabilities, including voice recognition and subsequent language
processing (Shum et al., 2018).

The communication capabilities that this type of Al system has, which can be either by
voice or text, is a notable evolution of more traditional recommender systems, as an identity is
created with which customers can maintain an interactive relationship (Hsieh & Lee, 2021).
Chatbots are virtual assistants that can conduct a conversation as if they were a human,
providing the customer with the information he needs (Hoyer et al., 2020). Virtual assistants
differ from recommender systems in that the former can converse with customers, offering a
more interactive experience and solving customers' problems as they arise (Rafailidis &

Manolopoulos, 2019).

2.5. TAM

“TAM, introduced by Davis (1986), is an adaptation of TRA specifically tailored for modeling
user acceptance of information systems.” (Davis et al., 1989, p.985). Its main objective is to
predict and explain why a new technology system is acceptable or unacceptable from the
customers' point of view. TAM is currently one of the most used theoretical frameworks to

explain customer acceptance of new technology (Hubert et al., 2017).
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Thus, TAM proposes variables that can help predict consumer behavior toward a new
technological system (Davis et al., 1989). This model is based on a paradigm that belief leads
to attitude, which leads to intention, and that intention leads to behavior (Kim et al., 2017). In
addition, the TAM model considers Perceived Ease of Use and Perceived Usefulness as crucial
determinants that influence the rest of the model and, consequently, the acceptance of new
technology (Davis, 1989; Davis et al., 1989). To these two variables was added the Perceived
Enjoyment, proposed by Davis et al. (1992).

TAM makes a few assumptions: a) Intention to use is what affects the actual use of
technology, b) Intention to use is affected by the usefulness of a technology, which in turn also
affects attitude toward using, c) Attitude toward using is affected simultaneously by usefulness
and ease of use, d) ease of use affects usefulness (Chang et al., 2013).

Suppose external variables are to be added to the TAM. In that case, they must be carefully
selected because they can affect, in addition to usefulness and ease of use, the acceptance and
subsequent continued use of a technology (Chang et al., 2013).

Adapting to the context of this dissertation, it is also worth considering that Enjoyment is
an essential factor for TAM (Dabholkar, 1994; Dabholkar & Bagozzi, 2002). In addition, Ease
of Use and Enjoyment were considered crucial factors for technology-based self-service

technologies.

2.6. Enjoyment

One's emotions and feelings influence behaviors and motivations (Chuah & Yu, 2021).
Therefore, emotions are essential in building communication between a robot and a person, as
it facilitates the relationship. Furthermore, this makes it easier for customers to trust Al services
(Chuah & Yu, 2021; Rincon et al., 2019).

Enjoyment, in this context, is related to the customer's state of mind when using an Al
service. This state of mind is related to increased concentration, more significant curiosity, and
more pleasure triggered by using an Al system (Chang et al., 2013). Therefore, the concept of
Enjoyment, applied to the Al context, is related to the pleasure and satisfaction one has in using
an Al system (Lu et al., 2019; Song & Kim, 2021).

Chang et al. (2013) state that if the Al service is more pleasurable for the customer, he tends
to do his task more effectively and efficiently, bringing more advantages to the customer. If
using an [A service is an enjoyable experience, that is, an experience that creates fun and
happiness, it may increase the likelihood of regular use of the technology (Ashfaq et al., 2020;
Song & Kim, 2021; Song & Kim, 2022).

14



Thus, Enjoyment is expected to positively affect Trust, Need for Human Interaction, and
Convenience:
Hla. Enjoyment has a positive effect on Trust.
H1b. Enjoyment has a positive effect on Need for Human Interaction.

Hlc. Enjoyment has a positive effect on Convenience.

2.7. Ease of use

Ease of Use is one of the main determinants of the TAM model and, consequently, a critical
factor in the acceptance of a technology (Davis et al., 1989). The ease of use is a factor that
brings together the functional component of these services and the utility. Therefore, it is critical
factor for accepting these services since it meets what customers want (Lu et al., 2019; Song &
Kim, 2021). Ease of use can be defined as the extent to which a person believes using a
particular technology is effortless (Davis et al., 1989). These technologies, having the power to
interact with consumers, speed up the processes, not requiring demanding learning processes
(Luetal., 2019).

Thus, based on the TAM model, it is believed that the intention to interact with these Al
systems will increase if it is easy to learn how to use these services, the process of using them
is also easier and, therefore, the customer does not have to make an increased effort, as well as
relevant technological skills (Lu et al., 2019; Song & Kim, 2021). Davis et al. (1989) also
conclude that improving Ease of Use would reduce the effort devoted to a particular
technological system. However, it will allow the customer to perform the same task with less
effort and time.

Thus, the following hypotheses were proposed:

H2a. Ease of Use has a positive effect on Trust.
H2b. Ease of Use has a positive effect on Need for Human Interaction.

H2c. Ease of Use has a positive effect on Convenience.

2.8. Service quality

The concept of service quality was created apart from the expectation-disconformity theory,
and several researchers have used it to measure service quality (Collier & Bienstock, 2006). In
the most conventional sense, the quality of a service is based on the difference between the
service customers expect and how they perceive the service they have been provided
(Parasuraman et al., 1994). The model proposed by (Gronroos, 1984) emphasizes two factors

that affect service quality: functional quality, which refers to the consumer's experience when
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using a service, and technical quality, which refers to the result obtained after using a service
(Gronroos, 1984) Thus, these two factors influence service quality (Choi et al., 2004).

Service Quality is measured in 5 dimensions: Tangibles, Responsiveness, Reliability,
Empathy, and Assurance (Berry et al., 1988; Parasuraman, 2000). Tangibles refer, in this
context, to the appearance of the entities that represent a service. Reliability relates to delivering
the service a brand commits to reliably and accurately to the customer. Responsiveness refers
to the ability to help customers assertively and quickly. To build customer trust and confidence,
assurance is related to courteous knowledge and expertise. Finally, empathy refers to giving
individualized customer service and taking care of him according to his needs (Li & Lai, 2021).

It is essential to keep in mind that there are customers who value different dimensions of
service quality. Thus, consumers' evaluation of the quality of Al systems is still not the best
since it is not yet following their expectations, considering that the assurance and reliability
dimensions are the most valued (Chiang & Trimi, 2020).

The ability to collect customer data is one factor that increases the quality of an Al service
a brand provides (Ameen et al., 2021). Thus, to ensure that consumers make informed decisions,
it is necessary to ensure that Al services can obtain customer information, e.g., media,
preferences, and old pieces they have purchased and be able to match this data with existing
inventory (Song & Kim, 2022).

While many researchers are looking at service quality research, there remains a gap in
research that addresses consumer response to services delivered by Al technologies, as they
differ significantly from services provided in a traditional way, which is based on interpersonal
relationships (Prentice et al., 2020).

According to Song & Kim (2022), consumers need to be sure that Al services can help
them make correct and informed decisions. Thus, brands need to ensure that these services
combine certain features that make customers perceive them as above their expectations. Thus,
Al systems must be responsive, helpful, and courteous, increasing the customer's confidence
both in the service they enjoy and in the brand itself (Wang & Lin, 2017). Thus, the following
hypotheses were formulated:

H3a. Service Quality has a positive effect on Trust.
H3b. Service Quality has a positive effect on Need for Human Interaction.

H3c. Service Quality has a positive effect on Convenience.
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2.9. Trust

Trust is a multidimensional concept since it can be framed in several aspects (Corritore et al.,
2003). In the conventional sense, trust is based on a person acting with another party if the latter
will perform according to his expectations (Deutsch, 1958). It is possible to include the risk
factor in this definition since trust is only needed if the situation is risky and not secure for the
customer (Corritore et al., 2003; Mayer et al., 1995). To add to this, expectation and
vulnerability aspects are included (Deutsch, 1958) since the consumer assumes that the other
party will not exploit his vulnerabilities either, since they will be exposed (Corritore et al., 2003;
Mayer et al., 1995).

It can be stated that trust is crucial in all the connections that the consumer establishes,
whether with something or with someone, thus including technology (Li et al., 2008; Siau et
al., 2004; Siau & Wang, 2018). However, trust in Al services becomes a more complex process
than trust in other technologies since the trust that will be established will be between the
customer and the technology itself, but also with the brand that is providing that service, and
these two trust processes will influence each other (Hengstler et al., 2016; Siau & Wang, 2018).

Although trust is a gradual process, the first impression someone has of something or
someone will tend to influence the established relationship (McKnight et al., 1998). Adapting
to the Al context, trust is established, in this type of system, by the first impression that the
consumer will have, which is the initial formation, but also as the continuous process that comes
from there (Li et al., 2008; Siau et al., 2004).

"Trust is crucial in the development and acceptance of AL" (Siau & Wang, 2018, p.52).
The characteristics of each person and the environment in which they are inserted (task
characteristics, culture, and institutional factors) will influence the trust they will have in TA
systems. Given that Al is evolving and its presence is increasing, it is necessary to remember
that these have features that no other technology has (Siau & Wang, 2018). Thus, brands must
consider some factors that have made the trust process easier. The ability of a service to be able
to create trust in a consumer is a crucial point for the success of that service (Hengstler et al.,
2016). The more an Al service looks like a human, the more trust will tend to grow upon its
first impression. The more transparent such a service is, i.e., the easier it is to understand how
it works, the more trust will grow (Siau & Wang, 2018). Passing the first impression will require
these systems to have specific characteristics for customers to move to the adoption stage. These
systems must be easy to use and communicate well (Siau & Wang, 2018). In addition, factors
such as courtesy, attention, or responsiveness facilitated the trust process (Wang & Lin, 2017).

Privacy is also a decisive factor. Privacy becomes significant as consumers want control over
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what data they provide to brands and what their data will be used for by those brands (Wang et
al., 2020).

Trust is a factor that can influence the entire customer experience since trust also increases
the likelihood that consumers will share their data with an Al system (Ameen et al., 2021; Song
& Kim, 2021). Furthermore, since these systems are based on collecting, analyzing,
interpreting, and transmitting this data, the more data these systems have, the better the
customer experience (Song & Kim, 2021). Thus, it is expected that Trust positively affects
Intention to Use:

HA4. Trust has a positive effect on Intention to Use.

2.10. Need for human interaction
The need for human contact is significant to many consumers (Dabholkar & Bagozzi, 2002).
The Need for Human Interaction is the importance given to interaction with a service employee,
by customers, in the context of providing a service (Dabholkar, 1996). In the technological
environment, NFHI is considered a crucial variable to understanding the needs of consumers
and, accordingly, how possible Al services are in their daily lives (Ashfaq et al., 2020).

Consequently, to study Al services, it is necessary to remember that customers must interact
with the service employee (Dabholkar, 1996). Thus, for Al services to become more attractive
to customers with a high Need for Human Interaction and who are the least likely to choose
these services, the positive characteristics of these services must be reinforced to compensate
for the lack of human interaction (Dabholkar & Bagozzi, 2002). For example, Dabholkar and
Bagozzi (2002) argue that if services are more fun, reliable, and easier to use, they become
more attractive to consumers. However, this is not the case for consumers with a low Need for
Interaction since they will more easily seek these Al services (Dabholkar & Bagozzi, 2002).

Customers tend to believe that human contact will enhance their experience since humans
have capabilities that consumers believe Al services do not, such as seeing and understanding
the customer's emotions (Ashfaq et al., 2020; Song et al., 2022). Customers believe that because
of their lack of emotional perception, Al services cannot deal with difficult situations or solve
problems (Song et al., 2022) and can also not provide personalized customer service that takes
their emotions into account (Osawa et al., 2017).

Al services would be more advantageous if they worked with human service employees for
a better customer experience, acting as a supplement rather than a replacement (Ashfaq et al.,
2020). In other words, a consumer experience must be created that balances Al services and

human interaction (Ameen et al., 2021).
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HS5. Need for Human Interaction has a positive effect on Intention to Use.

2.11. Convenience

Convenience is an essential factor that leads consumers to accept and use new technologies or
avoid them (Lu et al., 2019), thus becoming a key advantage of Al services (Ameen et al.,
2021). This way, it is necessary to consider convenience as an essential factor to understand the
consumer better and create a good strategy for adopting these Al services (Ameen et al., 2021).

Convenience in service is related to the ability to perform a task in the least amount of time
and effort (Ameen et al., 2021). In addition, it is also the benefit that a customer can get from
using a particular IA system in terms of automating processes and speeding them up, improving
the way an action is performed (Chang et al., 2013). Consequently, it will be associated with
the usefulness of using a given system (Malodia et al., 2022). Thus, adapted to the IA context,
Convenience is related to advantages concerning time, space, and use process when using an
IA service (Chang et al., 2013).

For these reasons, Al services can be attractive to customers because they can save time
since the process is more autonomous, not having to wait for the store staff (Ameen et al., 2021).
In addition, it helps the customer's entire buying process because it can give him all the
information he needs and help him at every touchpoint so that customer makes the best and
most informed purchase possible (Ameen et al., 2021). Furthermore, previous studies reveal
that the more a service is perceived as convenient, the better its view is and the higher the
intention to use it (Chang et al., 2013).Thus, Convenience is expected to influence Intention to
Use positively:

HG6. Convenience has a positive effect on Intention to Use.

2.12. Intention to use and Purchase Intention

Intention to Use refers to the customer's willingness to adopt a new technological system
(Venkatesh et al., 2012). It can also be defined as “a measure of the strength of one's intention
to perform a specified behavior” (Davis et al., 1989, p. 984). Based on TAM, the actual use of
a given technology is determined essentially by the intention to use that technology (Davis et
al., 1989). Adapting to the context under study, Intention to Use refers to the willingness of a
customer to use a particular Al service to purchase their luxury product (Ng et al., 2022). This
variable is considered a crucial factor in predicting Purchase Intention (Ng et al., 2022;

Venkatesh et al., 2012).
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Purchase Intention is the measurement that indicates how much a consumer is willing to
buy a product (Pavlou, 2003), i.e., it is related to the willingness and orientation that a consumer
must buy a product (Bhagat et al., 2022). Therefore, it is necessary to explore the issue of
Purchase Intention since intention will positively impact the purchase of a product (Hung et al.,
2011). Thus, Purchase Intention, in the luxury context, can be measured through customers'
perceptions of luxury brands and through social influence (Hung et al., 2011). As mentioned
earlier in this dissertation, customer perception is studied along three dimensions: symbolic,
experiential, and functional, which are relative to the characteristics of luxury brands.
Furthermore, social influence impacts the consumer since this consumer profile wants to
convey their status (Tsai, 2005). Thus, the following hypothesis is proposed:

H7: Intention to Use positively affects Purchase Intention

2.13. Research Conceptual Model
As Attificial Intelligence is the future, many researchers have studied this concept and applied
it to various scenarios and circumstances. “TAM has been widely used to assess consumers’
acceptance of technology-related applications in the fashion industry” (Liang et al., 2020).
Thus, the proposed model was built based on TAM, adding other variables studied by other
researchers. While necessary for predicting the acceptance of other technologies, usefulness
does not become relevant for the Al services studied in this dissertation, according to Dabholkar
& Bagozzi (2002). Therefore, the scholars in question propose adopting another variable -
performance - which has been adapted to Service Quality. These three variables help predict
Intention to Use (Dabholkar & Bagozzi, 2002).

The conceptual model was built to study how the customer will perceive the robots/virtual
assistants and the possibility of adopting these services in the purchase processes in the Luxury

Fashion sector.

@ vﬂla o
/
H2a Need f
cec for Intention to Purchase
Ease of use Human 5 N
V . Use Intention
Interaction
H2c
H3’

Figure 2.1.: Research Conceptual Model

Source: Own elaboration
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3. Methodology

This thesis aims to understand better how consumers will relate to Artificial Intelligence
elements, such as robots and virtual assistants, in the buying process and how this will influence
and alter their Purchase Intention in luxury brands.

At the first moment, it sought to know more about the various sub-themes that make up this
thesis through secondary data. This way, the information was primarily obtained through
scientific articles from various authors. Additionally, some information was also collected from
books, magazines and websites. Lastly, based on the literature review, a conceptual model was
created, and hypotheses were formulated to conduct a study that would respond to the theme of
this dissertation.

In order to develop the empirical study, a quantitative approach integrating primary data
was adopted. Thus, a questionnaire was conducted in order to obtain the necessary data. The
constructs that constitute the conceptual model were measured in this questionnaire through
their respective items, adapted from previous research. This study thus consists of an empirical

investigation, where conclusions will later be drawn through data analysis using SPSS

3.1. Construct Measurement

This questionnaire was constructed based on the eight constructs: Service Quality, Enjoyment,
Ease of Use, Trust, Perceived Convenience, Need for Human Interaction, Intention to use and
Purchase Intention.

All the constructs mentioned above and their respective items were measured using scales
previously established and validated in previous research, namely on articles related to each
construct. In order to adapt the constructs to the research conducted in this thesis, the items had
to be adapted to be able to answer the research hypotheses developed.

The independent variables are Service Quality, Enjoyment and Ease of Use. These
constructs were measured based on the scale proposed by Song and Kim (2021). Service
Quality comprises four items, Enjoyment comprises three items and, lastly, Ease of use is
constituted by four items. The previously mentioned constructs influence Trust (Song & Kim,
2021), which is composed of three items, Convenience (Malodia et al., 2022), which comprises
five items and Need for Human Interaction (Song et al., 2022), which comprises four items.

Intention to use is measured based on the scale developed by Hsieh and Lee (2021) and is
composed of three items and Purchase Intention (Liang et al., 2020) is evaluated by three items.

All items were measured using a 7-point Likert agreement scale, where 1 = Strongly

Disagree, 2 = Disagree, 3 = Partly Disagree, 4 = Neither Agree or Disagree, 5 = Partly Agree,
21



6 = Agree, 7 = Strongly Agree. The scale used to measure the Purchase Intention variable was
also a 7-point Likert scale, but in this variable, it was a probability scale from 1 (Very Low) to
7 (Very High).

Table 3.1.: Source of Constructs

Constructs Source
Enjoyment
Ease of Use (Song & Kim, 2021)
Service Quality
Trust (Song & Kim, 2021)
Need for Human Interaction (Song et al., 2022)
Convenience (Malodia et al., 2021)
Intention to Use (Hsieh & Lee, 2021)
Purchase Intention (Liang et al., 2020)

Source: Own elaboration

3.2. Questionnaire design

The survey was developed on the Qualtrics platform. It was developed in Portuguese and was
later translated using the automatic translation tool of the Qualtrics platform. Before releasing
the final version of the survey, a pre-test was conducted to detect possible errors in the
questionnaire and possible bias in the questions. This pre-test also helps to improve the
readability of the entire questionnaire. This pre-test was performed by 12 respondents who
detected some minor issues and proposed some changes. After the different suggestions were
analyzed, some changes were made to release an adapted and improved survey version. After
the previously mentioned pre-test was conducted and changes were made, the questionnaire
was distributed using different online platforms, namely, social networks such as Facebook,
WhatsApp, and Instagram. The sample consisted of 341 respondents and was selected through
non-probability convenience sampling with a snowball effect. The questionnaire was publicly
available from July 23, 2022, to August 11, 2022.

The questionnaire consists of 6 sections. Starting with the 3rd section, 32 questions follow
where the respondents must answer with their degree of agreement with those questions. It
should be emphasized that all questions had to be answered. The questionnaire begins with a
brief explanation of the purpose of this master's thesis. The following section was intended to
briefly explain what service robots are and virtual assistants in the fashion context. The

explanations were aided with illustrative images.
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The first block containing questions (section 3, respectively) was related to the factors of
Service quality, Enjoyment, and Ease of Use which intend to measure the consumer's self-
interest in these new technologies. The following section (section 4) focuses on the variables
Trust, Convenience, and Need for Human Interaction. The subsequent section (5) focuses on
the variables Intention to Use and Purchase Intention and is related to the consumer's approach
towards these new technologies and how willing respondents are to purchase a luxury product.
All these questions were measured on a Likert scale from 1 to 7 where 1 means "Strongly
Disagree" and 7 means "Strongly Agree". The last question of those mentioned above was also
answered similarly with the change that it was a probability scale (1= very low and 7= very
high).

The last block of questions concerns the respondent's socio-demographic information,
namely gender, age and city where he/she lives. Regarding these questions were presented

through multiple choice questions.

3.3. Respondent Profile
In order to facilitate data interpretation, respondents were presented with socio-demographic
questions - age, gender, and country of residence.

In total, 341 people participated in this study. To measure the gender of the respondents, a
multiple-choice question was presented, with three options - Female, Male, and Other. Thus, it
can be observed (Figure 3.1.) that most respondents are female, which corresponds to 79.18%
(270 respondents), while male respondents correspond to a percentage of 20.53% (70
respondents). Only one respondent chose the option "other", representing a percentage of only

0.29%.

Gender

Gender
M Female
W Male
M Other

Figure 3.1.: Pie Chart for Gender

Source: Own elaboration using SPSS
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Respondents were asked to choose their age group in six multiple-choice questions. Thus
(Figure 3.2), most respondents are between 45 and 54 years old (44,25%). This is followed by
the percentage of respondents aged 55 to 64, corresponding to 23.17%. The age group with the
third highest percentage is respondents between the ages of 35 and 44. This is followed by
9,09% of people aged 18-24, 5,57 between 25-34 and only 3,52% who are more than 65 years
old.

200

Count

79,
23,17%|

18-24 25-34 35-44 45-54 55-64 65 or more
Age group

Figure 3.2.: Distribution of Age

Source: Own elaboration using SPSS

Regarding the socio-demographic variables, the last one analyzed was the country of
residence (Figure 3.3.). Thus, it can be observed that most respondents live in Portugal

(99.41%), except for one person who lives in Canada (0.29%) and another who lives in

Switzerland (0.29%).

Country of residence

300

Count

200

100

0
Canada Portugal Switzerland

Country

Figure 3.3.: Distribution of Country of Residence
Source: Own elaboration using SPSS
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4. Results

4.1. Descriptive statistics

In this chapter, a descriptive analysis of all variables that make up the research model was
performed using SPSS Statistics 27. Thus, the mean and standard deviation were calculated for
all items comprising the abovementioned variables. It should be noted that the maximum and
minimum values for each item have also been indicated. The constructs were calculated by

computing a new variable based on the average of the items that integrate it.

4.1.1. Enjoyment (E)
The construct Enjoyment consists of 3 items. Table 4.1 presents the descriptive analysis of the
corresponding items, as well as of the construct. The highest mean and standard deviation item
is E1 — “I would feel relaxed when talking to robots/virtual assistants.”.

The construct Enjoyment (E) was obtained by computing the mean of E1, E2, and E3, as
mentioned earlier. Thus, it is observable that the mean of Enjoyment is 3,8710 and the standard
deviation is 1,78784. Since the mean is lower than the middle value of the 7-point Likert scale,

the respondents consider that they would not enjoy interacting with robots.

Table 4.1.: Descriptive Statistics for Enjoyment

Minimum | Maximum | Mean S.td'.
Deviation
I would feel relaxed when talking to 1 7 4,14 1,942
El ) .
robots/virtual assistants
B2 I would appreciate interaction with 1 7 3,84 1,872
robots/virtual assistants
E3 I would feel satisfied having a conversation 1 7 3,63 1,886
with robots/virtual assistants.
E |Enjoyment 1] 7]3,8710] 1,78784

Source: Own elaboration using data obtained through SPSS

4.1.2. Ease of Use (EOU)

Ease of Use comprises four items (EOU1, EOU2, EOU3 and EOU4). The mean, standard
deviation, and maximum and minimum values for each item are presented in Table 4. 2. As
shown in the table, item EOU1 — “Learning to use a robot/virtual assistant would be easy” —
has the highest mean. The mean of all items is positive. The item with the highest standard
deviation is EOU3 — “The use of a robot/virtual assistant would be clear and understandable”.
This value means that the answers to this item are more distributed around the average than

compared to the other items.
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The construct Ease of Use was created by computing the means of each item. Analyzing
the table, the mean of EOU is 4,5293 and the standard deviation is 1,43238. Since the scale
used was a 7-point Likert scale, and the mean is above the middle value of this scale, it is
possible to state that respondents tend to believe that it will be easy to use a robot/virtual

assistant. However, this evidence is not very significant.

Table 4.2.: Descriptive Statistics of Ease of Use

Minimum | Maximum | Mean S.td'.
Deviation
Learning to use a robot/virtual assistant 1 74,70 1,587
EOU1
would be easy
It would be easy to become skilled at 1 7 4,64 1,583
EOU2| . . )
using a robot/virtual assistant
EOU3 The use of a robot/virtual assistant 1 7 431 1,591
would be clear and understandable
EOU4 A robot/virtual assistant would be easy 1 7 4,47 1,529
to use
EOU | Ease of use 1] 704,5293] 1,43238

Source: Own elaboration using data obtained through SPSS

4.1.3. Service Quality (SQ)

Service quality was evaluated through 4 items (SQ1, SQ2, SQ3 and SQ4). Table 4.3. lists the
values of the mean, standard deviation, maximum and minimum. The variable Service quality
was calculated using the mean of the items composing this construct.

Item SQ4 — “I believe that the services provided by the robot/virtual assistant would meet
my expectations about what I consider to be good service” - has the highest standard deviation
(0=1.872) and SQ1 — “My view on the services that a robot/virtual assistant can provide is very
good” - has the highest mean (Xx=3,95). All questions have a mean value below the middle value
of the 7-point Likert scale, so the variable SQ presents a mean of 3.8109 (value below the
average value of the scale), which indicates that respondents do not consider that this type of
service would not have the desired quality, or that they perceive this service as being below

their expectations.

Table 4.3.: Descriptive Statistics of Service Quality

Minimum | Maximum | Mean S.td'.
Deviation
SQ1 My view on the services that a robot/virtual 1 70395 1,824
assistant can provide is very good
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Overall, I would be satisfied with the 1 7/ 3,88 1,805
SQ2 |services provided by a robot/virtual

assistant

Overall, a robot/virtual assistant would 1 7 3,76 1,838
SQ3 | help to elevate the quality of service to

excellence

I believe that the services provided by the 1 7 3,65 1,872

robot/virtual assistant would meet my
expectations about what I consider to be
good service

SQ | Service Quality 1 73,8109 1,70341

Source: Own elaboration using data obtained through SPSS

SQ4

4.1.4. Trust (T)
Trust is composed of 3 items (T1, T2 and T3). The mean, standard deviation, and maximum
and minimum values for each item are presented in Table 4. 4..

Thus, the item with the highest mean is item T2 - " A robot/virtual assistant seems to me to
be credible” - while the one with the highest standard deviation is T3 — “Advice from a
robot/virtual assistant seems to me to be reliable”. As with the previous variable, the construct
Trust (T) was obtained by computing the mean of T1, T2 and T3. The mean of the construct
Trust is 4,0489 and the standard deviation is 1,53677. Therefore, it can be concluded that, since
the mean is above the middle value of the 7-point Likert scale, respondents tend, very slightly,

to trust robots/virtual assistants.

Table 4.4.: Descriptive Statistics of Trust

Minimum | Maximum | Mean S.td'.
Deviation

T1 A robot/virtual assistant seems to me to be 1 7 4,08 1,646

reliable

A robot/virtual assistant seems to me to be 1 7 4,13 1,619
T2 )

credible

Advice from a robot/virtual assistant 1 7 394 1,691
T3 .

seems to me to be reliable
T |Trust 1 7 14,0489 1,53677

Source: Own elaboration using data obtained through SPSS

4.1.5. Need for Human Interaction (NFHI)
Need for Human Interaction is composed of 4 items (NFHI1, NFHI2, NFHI3 and NFHI4). The
mean, standard deviation, and maximum and minimum values for each item are presented in

Table 4. 5..
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The items have significantly higher means compared to the other variables. The item with
the highest mean is NFHI1- “Human contact makes the buying process more pleasant for me”
- where the mean is 5,77. The item NFHI4 — “Interacting with a robot/virtual assistant would
bother me more than talking to a store assistant” - has a standard deviation of 1,903. This
standard deviation is higher than that of the other items, which means that in this question, the
respondents' answers are more distributed around the mean than the other items.

The construct NFHI was obtained by computing the mean of NFHI1, NFHI2, NFHI3 and
NFHI4. As a result, the mean of NFHI is 5,5169 and the standard deviation is 1.48407. This

means that respondents consider human interaction in a buying process necessary.

Table 4.5.: Descriptive Statistics of Need for Human Interaction

Minimum | Maximum | Mean S.td'.
Deviation

Human contact makes the buying 1 T 571 1,605
NFHI1

process more pleasant for me

It is important for me to have 1 7 5,63 1,623
NFHI2 | personalized service from the store

assistant
NFHI3 I l?ke to communicate with a shop 1 7 5,64 1,625

assistant

Interacting with a robot/virtual assistant 1 7 5,02 1,903
NFHI4 | would bother me more than talking to a

store assistant
NFHI | Need For Human Interaction 1‘ 7‘5,5169‘ 1,48407

Source: Own elaboration using data obtained through SPSS

4.1.6. Convenience (C)

Convenience was evaluated through 5 items (C1, C2, C3, C4 and C5). Table 4.6. lists the values
of the mean, standard deviation, maximum and minimum. The variable Convenience was
calculated using the mean of the items that evaluate this construct.

Item C5 — “Interacting with a robot/virtual assistant would be easy and understandable” -
has the highest mean (X = 4,16). Item C4 — “I like the ability of a robot/virtual assistant to save
me time and effort throughout the purchase process” - has a standard deviation of 1,783, which
is the highest.

It is observable that the mean of Convenience is 3,8035 and the standard deviation is
1,39275. Since the mean is lower than the middle value of the 7-point Likert scale, the
respondents are neutral or even slightly disagree that it is not convenient for them to use a

robot/virtual assistant.
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Table 4.6.: Descriptive Statistics of Convenience

Minimum | Maximum | Mean S.td'.
Deviation
To help me with the purchase process, it 1 7 3,21 1,719
C1 | would be more convenient for me to interact
with a robot/virtual assistant
2 Using a robot/virtual assistant would allow 1 7 3,75 1,676
me to multitask
I could automate the entire purchase process 1 7 4,04 1,584
C3| . . .
using a robot/virtual assistant
I like the ability of a robot/virtual assistant 1 7 3,86 1,783
C4 |to save me time and effort throughout the
purchase process
Cs Interacting with a robot/virtual assistant 1 7 4,16 1,633
would be easy and understandable
C | Convenience 1] 7/3,8035] 1,39275

Source: Own elaboration using data obtained through SPSS

4.1.7. Intention to Use (ITU)
Intention to Use is composed of 3 items (ITU1, ITU2 and ITU3). The mean, standard deviation,

and maximum and minimum values for each item are presented in Table 4. 7.. Thus, the item

with the highest mean (X =4,23) is item ITU1 - " I will interact with a robot/virtual assistant on

a regular basis in the future” - while the one with the highest standard deviation( o = 1,698)is

ITU3 — “I will recommend to others the use of a robot/virtual assistant”.

As with the previous variable, the construct Intention to Use was obtained by computing

the mean of ITU1, ITU2 and ITU3. The mean of the construct ITU is 4,0078 and the standard

deviation is 1,56658. Therefore, it can be concluded that respondents tend to be neutral

regarding the possibility of using a robot/virtual assistant in the future.

Table 4.7.: Descriptive Statistics of Intention to Use

Minimum | Maximum | Mean S.td'.
Deviation
I will interact with a robot/virtual 1 7 423 1,697
ITU1 . ..
assistant on a regular basis in the future
ITU2 I will interact with a robot/virtual 1 7 4,17 1,690
assistant often in the future
I will recommend to others the use of a 1 7 3,62 1,698
ITU3 . )
robot/virtual assistant
ITU |Intention To Use 1] 714,0078]  1,56658

Source: Own elaboration using data obtained through SPSS
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4.1.8. Purchase Intention (PI)
Purchase Intention comprises three items (PI1, PI2, and PI3). The mean, standard deviation,
and maximum and minimum values for each item are presented in Table 4.8.. Instead of being
rated by an agreement scale like the previous constructs, these items were ordered by a 7-point
Likert probability scale.

Thus, the item with the highest mean (x = 3,96) and highest standard deviation (o= 1,819)
is item PI1 - "My desire to buy a luxury product.”.
The construct Purchase Intention was obtained by computing the mean of PI1, PI2 and PI3. As
a result, the mean of the construct PI is 3,61688 and the standard deviation is 1,59896.
Consequently, it can be concluded that respondents tend to be neutral or even slightly unlikely

to purchase a luxury product.

Table 4.8.: Descriptive Statistics of Purchase Intention

Minimum | Maximum | Mean S.td'.
Deviation
PI1 | My desire to buy a luxury product 1 7 3,96 1,819
PD The likelihood that I will consider buying 1 7 3,59 1,734
a luxury product
PI3 The probability that I will buy a luxury 1 7 3,30 1,730
product
PI | Purchase Intention 1] 7]3,6168]  1,59896

Source: Own elaboration using data obtained through SPSS

4.2. Explanatory Data Analysis
In this section, the following tests will be performed: reliability analysis, validity analysis, and

multiple regression analysis using SPSS 27. Subsequently, the results will be analyzed and
detailed.

4.2.1. Reliability and Validity Analysis

To evaluate the quality of the sample, a reliability test was conducted to assess the sample's
reliability and validity. Thus, to determine reliability, Cronbach's alphas were calculated for all
constructs using SPSS statistics 27. Cronbach's alpha measures the scale's internal consistency
and can take a value between 0 and 1. The higher Cronbach's alpha, the higher the reliability.
Furthermore, the more the items are correlated, the higher Cronbach's alpha will be. Thus, if
the alpha value is below 5 it is not acceptable; if it is between 0.7 and 0.79, it is acceptable; if

it is between 0.8 and 0.89, it is good, and equal to or above 0.9, it is excellent.
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The results are shown in Table 4.9. All alphas are above 0.8, indicating very good to
excellent values with high reliabilities and internal consistencies. Most of the values are above
0.9, which are excellent values. The variable with the highest Cronbach's Alpha is service
quality (Cronbach's Alpha = 0.947) and the lowest is Convenience (Cronbach's Alpha = 0.886).
The Cronbach's Alpha reliability test was also done for all items and gave a value above 0.9

(Cronbach's Alpha = 0.923), indicating a very high reliability value.

Table 4.9.: Reliability Analysis

Constructs \ Items \ Cronbach’s Alpha

El
Enjoyment E2 0,935
E3
EOU1
EOU2
EOU3
EOU4
SQl
SQ2
SQ3
SQ4
T1
Trust T2 0,922
T3
NFHI1
NFHI2
NFHI3
NFHI4
Cl1
C2
Convenience C3 0,886
C4
C5
ITU1
Intention to Use ITU2 0,915
ITU3
PI1
Purchase Intention PI2 0,893
PI3

All constructs ‘ ‘ 0,923

Source: Own elaboration using data obtained through SPSS

Ease of Use 0,931

Service quality 0,947

Need for Human Interaction 0,899
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4.3. Multiple Regression Analysis

The following analysis is the multiple regression analysis, which aims to understand how the

constructs that belong to the conceptual model presented in this dissertation relate to each other.

Through multiple regression analysis, it is possible to understand the impact that one or more

independent variables have on a dependent variable. Through this, it is possible to test the

proposed conceptual model.

4.3.1. Assumption of the Multiple Regression

In order to proceed to multiple regression analysis, some requirements must be met according

to the GaufB3-Markov Theorem:

Linearity of the Model
Random sample
Mean of the Residuals

Exogeneity of the independent variables

The constancy of the variances of the residuals across predicted values

(homoskedasticity)
Normally distributed error component
Linear independence (no multicollinearity)

Correlation of the Residual Terms

Linearity of the Model

The multiple regression model is the following:

Purchase Intention
= fo + f1x Enjoyment + B,x Ease of Use
+ f3x Service Quality + f4x Trust
+ fsx Need for Human Interaction + [¢x Convenience

+ [,x Intention to Use

(1

The theoretical model assumes constructing linearity between independent and dependent

variables, so the assumption holds.
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Random Sample
One of the goals of this thesis is to be able to generalize the results to the population. To do

this, it is necessary to ensure that the sample is random, which applies to this dissertation. Thus,

the assumption holds.

Mean of The Residuals
For the mean of the fitted value to be the same as the mean of the observed value, the mean of
the residuals must equal 0. Table 4.10 shows that the mean of the residuals is 0, so the

assumption holds.

Table 4.10.: Mean of the Residuals

Minimum Maximum Mean Std. Deviation
Predicted Value 2,4566 4,7470 3,6168 0,45139
Residual -3,61584 4,24150 0,00000 1,53392
Std. Predicted Value -2,570 2,504 0,000 1,000
Std. Residual -2,333 2,737 0,000 0,990

Source: Own elaboration using data obtained through SPSS

Exogeneity of the Independent Variables

One of the assumptions of multiple linear regression is that the independent variables cannot
be related to the residuals (which are connected to the part that cannot be explained in the
analysis). Thus, a Pearson Correlation analysis was conducted, as shown in Table 4.11.. Table
4.11. shows that all independent variables have a Pearson correlation equal to 0.000 with the
residuals, which means that the variables present in Table 4.11. have no relationship with the

residuals, so the assumption holds.

Table 4.11.: Correlations between Independent Variables and Residual Terms

E EOU SQ T NFHI C ITU | Residuals
E 1| 0,622 0815] 0,719| -0,604| 0,701 0,664 0,000
EOU 0,622 1| 0,676 0,633] -0,460| 0,638 0,647 0,000
SQ 0,815 0,676 1| 0,784| -0,600] 0,822| 0,786 0,000
T 0,719 0,633| 0,784 1| -0,531] 0,744 0,696 0,000
NFHI -0,604| -0,460| -0,600| -0,531 1| -0,568| -0,547 0,000
C 0,701, 0,638 0,822| 0,744| -0,568 1| 0,729 0,000
ITU 0,664, 0,647| 0,786 0,696| -0,547| 0,729 | 0,000
U. Residuals 0,000/ 0,000/ 0,000] 0,000] 0,000] 0,000] 0,000 1

Source: Own elaboration using data obtained through SPSS
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The constancy of the Residual Variance across predicted Values (Homoscedasticity)
Homoscedasticity refers to the condition that the variance of the residuals is constant. Thus, by

observing Figure 4.1, the values do not appear to be evenly distributed around zero.

Scatterplot
Dependent Variable: Purchase Intention

Regression Standardized Residual
8
o
8
8

Regression Standardized Predicted Value

Figure 4.1.: Scatterplot — Distribution of the residuals
Source: Own elaboration using SPSS

Normality of the residuals

The first graph is a histogram of the standardized residuals, showing a normal distribution
curve. Thus, this graph aims to verify a distribution's existence more visually. Looking at Figure
4.2., it can be concluded that the residuals do not correspond to a normal distribution. In
addition, the mean value should be approximately 0, and the standard deviation should be

around 1.

Histogram
Dependent Variable: Purchase Intention

Mean = -145E-15
60 std. Dev. = 0,990
=341
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Regression Standardized Residual

Figure 4.2.: Histogram — Distribution of the residuals
Source: Own elaboration using SPSS
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The P-P plot illustrates the expected commutative probability versus the observed
commutative probability. Thus, if a normal distribution exists, the data must lie precisely on
the diagonal highlighted in the plot. By observing Figure 4.3., it is perceptible that there are
data that are far from the diagonal, and this indicates that it is not a normal distribution, so the

assumption fails.

Normal P-P Plot of Regression Standardized Residual
o Dependent Variable: Purchase Intention

0,8
0,6

0,4

Expected Cum Prob

0,2

0,0 0,2 04 0,6 0,8 10

Observed Cum Prob

Figure 4.3.: P-Plot — Distribution of the residuals

Source: Own elaboration using SPSS

Linear Independence (No Multicollinearity)

Multicollinearity is, by definition, a strong linear relationship between the explanatory
variables. However, it is necessary to analyze the Tolerance and VIF (Variance Inflator Factor)
through the collinearity statistics to ensure no multicollinearity. For there to be no
multicollinearity, the Tolerance value must be above 0.1, and the VIF value has to be below 10.
By observing Table 4.12., it is possible to conclude that the Tolerance values are all above 0.1
and the VIF values are below 10. This way, it is possible to affirm that there is no
multicollinearity, that is, there is no linear relationship between the explanatory variables, and,

therefore, this assumption holds.

Table 4.12.: Collinearity Statistics

Collinearity Statistics
Tolerance VIF
Enjoyment 0,299 3,348
Ease of use 0,479 2,088
Service Quality 0,171 5,848
Trust 0,327 3,059
Need For Human Interaction 0,580 1,724

35



Convenience 0,281 3,561
Intention To Use 0,336 2,977

Source: Own elaboration using data obtained through SPSS

Correlation of the residual terms
To perform multiple regression analysis, there must be independent of residuals. Table 4.13
shows the SPSS analysis, the Durbin-Watson value is close to 2, indicating no correlation

between the residuals. Thus, the assumption holds.

Table 4.13.: Model Summary of Dependent Variable: Purchase Intention

Std. Error of the
R R Square | Adjusted R Square Estimate Durbin-Watson
2828 0,080 0,060 1,54996 1,896

Source: Own elaboration using data obtained through SPSS

Multiple linear regression analysis only provides a sample characterization since not all
assumptions are held. Thus, a generalization to the population cannot be made. Thus, the model

cannot be used for inference.

4.3.2. Multiple Regression —Enjoyment, Ease of Use, and Service Quality as independent,
Trust as dependent variables

From the constructs that make up the conceptual model, it is necessary to determine which
variables occupy each role: the independent and dependent variables. To test hypotheses H1a),
H2a), and H3a), that is, Enjoyment, Ease of Use and Service Quality positively affect Trust, it
was defined that Enjoyment, Ease of Use and Service Quality are the independent variables and
that Trust is the dependent variable.

Calculating the following adjusted regression equation from the regression coefficients is

possible.

T=0836+0,175xE + 0,173 x EOU + 0,459 x SQ + ¢ (2)

Both Enjoyment (Sig =0,000 < 0,050), Ease of use (Sig =0,000 < 0,050), and Service
Quality (Sig =0,000 < 0,050), show a linear correlation with trust, i.e., they are significant and,
therefore, are suitable for prediction.

Thus, the three variables mentioned above are predictors of the Trust variable. Therefore,

one can see that Enjoyment has a regression coefficient of 0,175 (SE=0,049); this means that
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when Enjoyment increases, Trust increases by 0.175. The same is true for Ease of Use, which
has a regression coefficient of 0.173, meaning that for each increase in Ease of Use, Trust
increases by 0.173 (SE=0,048). Finally, the Service Quality variable has the highest regression
coefficient, which is 0.459 (SE=0,054). Therefore, as with the previous variables, each time
Service Quality increases, Trust will increase by 0.459. It is also important to note that the 95%
confidence interval of Enjoyment, Ease of Use, and Service Quality is greater than 0, which
means that it contains only positive values, meaning that the effect of the independent variables
is always positive.

Thus, hypotheses Hla), H2a), and H3a) are supported by the mentioned results, meaning

that Enjoyment, Ease of Use, and Service Quality positively influence Trust.

Table 4.14: Coefficients of the Multiple Regression, Trust as Dependent Variable

Unstandardized 95,0% Confidence
Coefficients Interval for B

Lower Upper

B Std. Error | Sig. Bound Bound
D dent (Constant) 0,836 0,165{0,000 0,511 1,161
ependent  MEnjoyment 0,175 0,049 0,000 0,079 0,271
Variable: Trust | Ease of use 0,173 0,048 10,000 0,079 0,267
Service Quality | 0,459 0,054 10,000 0,353 0,566

Source: Own elaboration using data obtained through SPSS

4.3.3. Multiple Regression — Enjoyment, Ease of Use, and Service Quality as independent,

Need for Human Interaction as dependent variables

To verify if Enjoyment, Ease of Use and Service Quality positively affect Need for Human
Interaction (H1b), H2b) and H3b)), it was defined that Service Quality, Enjoyment, and Ease
of Use are the independent variables and Need for Human Interaction is the dependent variable.
Then, using the linear regression coefficients present in Table 4.15., it is possible to construct

the linear regression equation:

NFHI = 7,814 - 0,274 x E — 0,057 x EOU — 0,256 x SQ + ¢ 3)

Both Enjoyment (Sig =0,000 < 0,050), and Service Quality (Sig =0,000 < 0,050), show a
linear correlation with Need for Human Interaction, i.e., they are significant and, therefore, are
suitable for prediction. The same is not valid for the Ease of Use variable, since Sig=0,340 >

0.050, which means that hypothesis H2b) is rejected.
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Consequently, Enjoyment and Service Quality are predictors of Need for Human
Interaction. However, if one looks at the regression coefficients, it is observable that they are
negative, indicating that they negatively affect Need for Human Interaction. So, Enjoyment has
a regression coefficient of -0,274 (SE=0,061); this means that when Enjoyment increases, Need
for Human Interaction decreases by 0,274. The same is true for Service Quality, which has a
regression coefficient of -0,256 (SE=0,068), lower than the previous one, meaning that each
increase in Service Quality leads to a decrease of 0,256 in Purchase Intention. It is also
important to note that the 95% confidence interval of Enjoyment and Service Quality is lower
than 0, which means that it contains only negative values and, consequently, the effect that both
Enjoyment and Service Quality have a consistently negative effect on Need for Human
Interaction

Thus, no hypothesis is supported by the results since H2b) is rejected because Sig is higher
than 0,05, and the values of the regression coefficients reject H1b) and H3b).

Table 4.15.: Coefficients of the Multiple Regression, Need for Human Interaction as

Dependent Variable
Unstandardized 95,0% Confidence
Coefficients Interval for B

Lower Upper

B Std. Error | Sig. Bound Bound
Dependent (Constant) 7,814 0,208 | 0,000 7,405 8,223
Variable: Enjoyment -0,274 0,061 |0,000 -0,395 -0,154
Need For Human | Ease of use -0,057 0,060 | 0,340 -0,176 0,061
Interaction Service Quality | -0,256 0,068 | 0,000 -0,390 -0,121

Source: Own elaboration using data obtained through SPSS

4.3.4. Multiple Regression — Enjoyment, Ease of Use, and Service Quality as independent,
Convenience as dependent variables

To verify if Enjoyment, Ease of Use and Service Quality positively affect Convenience (H1c),

H2c) and H3c)), it was defined that Enjoyment, Ease of Use and Service Quality are the

independent variables and that Convenience is the dependent variable. Thus, the regression

equation is as follows, based on the regression coefficients in Table 4.16.:

C=0882+0,049xE + 0,140x EOU + 0,551 x SQ + ¢ 4)
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Both Ease of use (Sig =0,001 < 0,050), and Service Quality (Sig =0,000 < 0,050), show a
linear correlation with Convenience, i.e., they are significant and, therefore, are suitable for
prediction. The same is not valid for the Enjoyment variable, since Sig=0.241 > 0.050, which
means that hypothesis H1c) is rejected.

Therefore, Ease of Use and Service Quality are predictors of the Convenience variable.
Therefore, Ease of Use has a regression coefficient of 0,140 (SE=0,041); this means that when
Ease of use increases, Convenience increases by 0,140. The same goes for Service Quality,
which has a regression coefficient of 0,551 (SE=0,046), meaning that for each increase in
Service Quality, Convenience increases by 0,551. By looking at the 95% confidence interval
of Ease of Use, and Service Quality, it can be concluded that it is greater than 0, which means
that it contains only positive values, meaning that the effect of the independent variables is
permanently positive.

According to the results, hypotheses H2c) - Ease of Use has a positive effect on Convenience -
and H3c) - Service Quality has a positive effect on Convenience - are supported. On the other

hand, Hlc) - Enjoyment has a positive effect on Convenience. - is rejected.

Table 4.16.: Coefficients of the Multiple Regression, Convenience as Dependent Variable

Unstandardized 95,0% Confidence
Coefficients Interval for B

Lower Upper

B Std. Error | Sig. Bound Bound
(Constant) 0,882 0,141{0,000 0,606 1,158

Dependent .
Enjoyment 0,049 0,041{0,241 -0,033 0,130
Variable:
Ease of use 0,140 0,041 (0,001 0,060 0,219
Convenience

Service Quality | 0,551 0,046 {0,000 0,461 0,642

Source: Own elaboration using data obtained through SPSS

4.3.5. Multiple Regression — Trust, Need for Human Interaction, and Convenience as
independent, Intention to Use as dependent variables

It is essential to understand how Trust, Need for Human Interaction, and Convenience affect

Intention to Use. Therefore, to test hypotheses H4, HS, and H6, a linear regression analysis was

performed where Trust, Need for Human Interaction, and Convenience are independent

variables and Intention to Use is the dependent variable.

Thus, the regression equation is as follows, based on the regression coefficients in Table 4.17.:
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ITU =1,809+0,314xT —0,155x NFHI + 0,468 x C + ¢ 5)

Trust (Sig = 0,000 < 0,050), Need for Human Interaction (Sig = 0,001< 0,050) and
Convenience (Sig = 0,000 < 0,050), show a linear correlation with Intention to Use, i.e., they
are significant and, therefore, are suitable for prediction.

Consequently, the three variables mentioned above are predictors of Intention to Use.
Therefore, Trust has a regression coefficient of 0,314 (SE=0,054); this means that when Trust
increases, Intention to Use increases by 0,314. The same is true for Convenience, which has a
regression coefficient of 0,468 (SE=0,061), meaning that for each increase in Convenience,
Intention to Use increases by 0,468. It is also important to note that the 95% confidence interval
of Trust and Convenience is greater than 0, which means that it contains only positive values,
meaning that the effect of the independent variables is always positive.

As for the variable Need for Human Interaction, as said before, it is a predictor of Intention
to Use. However, its effect on this is negative since the coefficient is — 0,155 (SE=0,045). Thus,
it can be concluded that every time the Need for Human interaction increases, the Intention to
Use decreases by 0.155. When looking at the 95% confidence interval of the Need for Human
Interaction variable, the values are always negative, thus concluding that the effect of Need for
Human Interaction on Intent to Use is always negative.

Thus, it can be concluded that the results support H4 and H6 are supported. However, the
same is not valid for HS since Need for Human Interaction, although it affects Intention to Use,

it affects it negatively and not positively.

Table 4.17.: Coefficients of the Multiple Regression, Intention to Use as Dependent

Variable
Unstandardized 95,0% Confidence
Coefficients Interval for B

Lower Upper

B Std. Error | Sig. | Bound Bound
(Constant) 1,809 0,398 {0,000 1,026 2,593
Dependent Trust 0,314 0,054 0,000 0,208 0,420
Variable: Need For Human -0,155 0,045{0,001 -0,244 -0,066

Intention to Use etz guon

Convenience 0,468 0,0610,000 0,348 0,589

Source: Own elaboration using data obtained through SPSS
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4.3.6. Linear Regression — Intention to Use as independent and Purchase Intention as
dependent variables

To test the last proposed hypothesis, H7: Intention to Use positively affects Purchase Intention,

it was defined that Intention to Use would be the independent variable and Purchase Intention

would be the dependent variable. Using the linear regression coefficients present in Table 4.18.,

it is possible to construct the linear regression equation:

PI=2919+0,174x ITU + ¢ (6)

Observing the table, the Sig. of Intention to Use is equal to 0,002, which is smaller than
0,050, meaning that Intention to Use is significant, i.e., that it has a linear correction with
Purchase Intention and, consequently, is appropriate for prediction.

Intention to Use, being a predictor of Purchase Intention, has a regression coefficient of
0,174, which means that each increase in Intention to Use leads to an increase of 0,174
(SE=0,055) in Purchase Intention. By looking at the 95% confidence interval of Intention to
Use, it can be concluded that it is greater than 0, which means that it contains only positive
values, meaning that the effect of Intention to Use is constantly positive.

Thus, the results support H7, which means that Intention to Use positively affects Purchase

Intention.

Table 4.18.: Coefficients of the Multiple Regression, Purchase Intention as Dependent

Variable
Unstandardized 95,0% Confidence
Coefficients Interval for B

Lower Upper
B Std. Error | Sig. Bound Bound
Dependent (Constant) 2,919 0,23510,000 2,456 3,381

Variable: Intention To 0,174 0,055]0,002 0,067 0,282

Purchase Intention i
Source: Own elaboration using data obtained through SPSS
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The following Table summarizes all the hypotheses under study and which ones were

validated.
Table 4.19.: Hypothesis and Validation
Hypothesis Validated?
Hla. Enjoyment has a positive effect on Trust. Yes
H1b. Enjoyment has a positive effect on Need for Human Interaction. No*
Hlec. Enjoyment has a positive effect on Convenience. No
H2a. Ease of Use has a positive effect on Trust. Yes
H?2b. Ease of Use has a positive effect on Need for Human Interaction. No
H2c. Ease of Use has a positive effect on Convenience. Yes
H3a. Service Quality has a positive effect on Trust. Yes
H3b. Service Quality has a negative effect on Need for Human Interaction. No*
H3c. Service Quality has a positive effect on Convenience. Yes
HA4. Trust has a positive effect on Intention to Use. Yes
H5. Need for Human Interaction has a positive effect on Intention to Use. No*
HG6. Convenience has a positive effect on Intention to Use. Yes
H7: Intention to Use positively affects Purchase Intention Yes

Source: Own elaboration

* Has a negative effect
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5. Conclusions and Implications

Artificial Intelligence is a reality and will change the paradigm in many sectors and can help
businesses to improve their processes significantly (Davenport et al., 2020). Many brands,
including Luxury brands, have already implemented systems with Artificial Intelligence in their
business, such as Gucci, Hugo Boss, or Tommy Hilfiger (Deloitte, 2020).

Some researchers (e.g., Song & Kim, 2022) have already studied the likelihood of customers
sharing their information with Robots or even accepting such services in stores, but this research
is still limited. However, little research still addresses how well Al systems are accepted in
physical stores by consumers and how this will impact Purchase Intention.

This section is intended to review the objectives of this research and, through this,
summarize the results obtained in this dissertation. This will be done based on the conclusions
drawn from the literature review and the results obtained through the empirical research. Thus,
this chapter aims to compile the conclusions obtained regarding the increase in Purchase
Intention through the variables implicit in the designed model: Enjoyment, Ease of Use, Service
Quality, Trust, Need for Human Interaction, and Intent to Use. Thus, the relations obtained
among the variables will be analyzed in detail. In this way, the theoretical contribution of the
study will be provided, as well as the implications that these conclusions may have in the

management.

5.1. Theoretical Contribution
This study refers to 79.18% of women, mostly between 45 and 64 years old, followed by 55-
64 years old, and mostly living in Portugal.

The results show that customers tend to think using a Service incorporating Al will not be
an enjoyable experience (X = 3,8710). However, the results show that Enjoyment affects Trust,
a crucial point for adopting robots/virtual assistants. Furthermore, it is also evidenced that the
more enjoyable an experience, the less the Need for Human Interaction. The results support
what had been said by Chuah and Yu (2021), who evidenced that emotions are a relationship
facilitator, in this case, between the customer and the robot/virtual assistant.

This study shows that there is still some reluctance about the quality of this kind of system
(x =3,8109). The respondents' uncertainty regarding the service quality of an IA Service agrees
with what was mentioned in the study by Chiang and Trimi (2020). However, it was realized
that Service Quality becomes very impactful in increasing trust and Convenience and
decreasing the Need for Interaction with store staff. This uncertainty may condition the

Intention to Use an Al service to purchase a product.
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This study also shows that respondents tend to find it easy to learn how to use these types
of services and their subsequent use (x = 4,5293). Ease of use proved to be impactful in
increasing Trust and convenience for the customer. Thus, what Davis et al. (1989) said is
supported by this study since it will impact both Trust and Convenience (since it allows doing
the same task with less effort and time), which positively influences the Intention to Use.

Trust becomes crucial in Al's acceptance and adoption process, as Siau and Wang (2018).
Consequently, it also becomes essential for improving the entire customer experience, as it is
present from the beginning to the end of the journey. As proposed, Enjoyment, Ease of Use,
and Service Quality positively impact customer trust in each Al system. Thus, the results
support what would have been said by Chuah & Yu (2021) and Rincon et al. (2019), who state
that Enjoyment, a state related to emotions, is a facilitator for building a good relationship
between the customer and Al systems, promoting Trust.

It should be noted that Service Quality is the factor that most strongly impacts trust,
indicating that a service perceived as high quality creates a greater sense of trust on the part of
the customer. Thus, these systems must ensure that they give the customer the possibility to
make the most correct and informed decisions by combining excellent functional and design
factors, as studied by Ameen et al. (2021).

A system can be considered convenient, from the customer's point of view, when it allows
them to perform a particular task with the least possible time and effort (Ameen et al., 2021).
This study supports that Ease of Use positively impacts convenience. This result is in line with
what was proposed by Davis et al. (1989) when they stated that Ease of Use could decrease the
effort with which the customer accomplishes a task.

Once again, Service Quality has the most significant impact on Convenience for the
customer, i.e., the more a service is perceived as high quality, the more convenient it tends to
be for the customer. Furthermore, by increasing the functional and technical quality (Gronroos,
1984) and ensuring that the five dimensions of service quality are ensured (Berry et al., 1988;
Parasuraman, 2000), it offers customers benefits compared to the traditional buying process,
namely in terms of better recommendation systems or creating a disruptive and innovative
experience, besides allowing him to do everything he needs to buy a product in a single system
with the certainty that he is making the right decision.

Contrary to what was proposed, Enjoyment was not proven to affect Convenience
positively. Thus, this result does not support what is proposed by Chang et al. (2013), who state
that if the process is more pleasurable for the customer, he tends to take more advantage of that

process, such as doing a task more effectively and efficiently, saving time and effort. This may
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be related to convenience being interconnected with the most functional part of this service, not
being connected to the emotional part of the established relationship.

Need for Human Interaction is a crucial variable in this study since, for most customers,
human contact is a very relevant factor in the buying process because they believe that a person
can offer another type of service that an Al service is not able to provide (Ashfaq et al., 2020;
Song & Kim, 2022). The results show that Enjoyment and Service Quality affect the Need for
Human Interaction. However, through the analysis of the results, it is concluded that these two
variables have a negative impact on the Need for Human Interaction, which indicates that both
a more enjoyable service and a higher quality decrease the customer's need to communicate
with a store assistant. This result was expectable since all the variables mentioned are
advantages for the customer. The Enjoyment provides a more pleasurable journey (Chang et
al., 2013) which will most likely be a much more fun experience than what the customer is used
to with a store assistant and the Service quality, being composed of features that provide an
informed, accurate and effective response to the customer (Song & Kim, 2022) avoids having
to resort to the store staff to require some help. Contrary to what was expected, Ease of Use is
not a Predictor of Need for Human Interaction, which means that although a system may be
easy to use, it does not mean that a customer will have more or less need to interact with a store
assistant.

The present study shows that Trust, Need for Human Interaction, and Convenience are
predictors of Intention to Use. However, only Trust and Convenience positively affect the
Intention to Use, with particular emphasis on Convenience, which most strongly affects
Intention to Use (B= 0,468). Therefore, the idea that an Al system is reliable must be fostered.
This can be done, as said before, through a transparent process that allows the customer to
understand the mechanism of these services (Siau & Wang, 2018) and, consequently, to realize
that the more they trust their data in these systems, the better their experience will be (Song &
Kim, 2021), because it will allow them to make correct and right decisions, i.e., choosing the
clothes or accessories that best suit them, thus increasing their intention to use it. Nevertheless,
beyond that, both fostering trust and increasing the customer's perception of convenience
should be seen as a whole so that they can work together. If a customer perceives that using a
specific service will bring him more convenience, i.e., allow him to better perform his task with
less effort and time (Chang et al., 2013), his intention to use it tends to increase. The Intention
to Use it increases even more if he trusts that using these services will bring him benefits and
that the system, by having the ability to handle his data, will allow him to make better and more
informed decisions (Song & Kim, 2022).
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Need for Human Interaction proved to be a crucial variable in this dissertation. Descriptive
Analysis concluded that the respondents still give considerable importance to human contact (x
=5.52). The results showed that Need for Human Interaction negatively impacted the Intention
to Use Al systems. Consumers continue to believe that humans (which, applied to the context
of this dissertation, will be the store assistants) have impossible capabilities for any Al System
to replace (Ashfaq et al., 2020; Song et al., 2022). Thus, it is already expected that this consumer
need would affect their intention to use these services in stores. It is thus necessary to consider
this need when implementing these services in stores and promoting their adoption (Ashfaq et
al., 2020). Thus, a gradual implementation of these systems should be considered, and they
must work together with the human factor in the stores and not as a replacement. This factor
becomes even more critical when talking about luxury brands. The relationship between these
brands and their customers must be based on proximity and customization (Chevalier &
Mazzalovo, 2008; Fionda & Moore, 2009). Customers of Luxury Fashion brands want high-
quality products, with all that this implies. However, they also want a treatment of excellence
and exclusivity, which differentiates this type of brand from the rest (Vigneron & Johnson,
2004). Thus, if customers believe that an Al service cannot offer them what they want, the need
for human contact becomes even more imperative.

In conclusion, the results show that Intention to Use leads to higher Purchase Intention.
Thus, the results support what would have been said by Ng et al. (2022), which indicates that a
higher Use Intention leads to a specific behavior, which in this case, consists of Purchase

Intention.

5.2. Managerial Contribution

The emergence of new technologies completely transforms the customer journey and,
consequently, the customer experience, providing retailers with new strategic and tactical
opportunities or improving already implemented processes. Before investing, more and more,
in developing services that incorporate Al, deploying or promoting them, it is necessary to
gauge how likely customers are to adopt them (Kim et al., 2017), even more so when it comes
to high involvement products, as is the case of Luxury pieces.

For these virtual assistants to become more appealing to the customer, companies need to
create a fun customer experience, and there is room for that. Today, customers still do not
perceive using a robot/virtual assistant as relaxing or enjoyable, but this paradigm has to
change. Creating interactive systems where the customer can have fun and be entertained by

the system is an excellent way to improve customer experience. However, it should also be
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noted that Enjoyment does not influence Convenience, which indicates that brands will have to
ensure that these systems are enjoyable to use but that this factor does not affect whether or not
they become convenient for the customer. Therefore, it must be ensured that the services
maintain a high quality to increase convenience and not only strongly. Thus, for Luxury brands
to offer high-quality and user-friendly service, which have proven to be indicators that increase
customer Convenience, the systems must always be actualized and have an interface that is easy
to use and understand. To increase service quality, incorporating virtual reality into these
systems would be a powerful weapon for brands. This would give customers a sense of how a
clothing or accessory would look on their bodies. This would be a way to increase the idea that
luxury brands are associated with innovation and creativity.

Applied to the Luxury Fashion context, one must remember that customers have
stereotypes associated with this genre of products, namely high quality, high price, high status,
and an experience elevated to excellence. Therefore, implementing these new Al systems must
align with what a customer expects from a luxury brand. In this way, luxury fashion brands,
characterized by a personalized and unique customer experience, must ensure that the systems
they use continue to deliver an equal or better customer experience than the customer already
used to. Thus, customers must perceive the system used as high quality, which means it must
be objective and assertive. Thus, brands will need to leverage a large amount of customer data
to offer each customer a unique experience tailored to their needs. In this way, companies must
ensure that they have the necessary information to show the customer the most appropriate
pieces, considering their tastes, size, and body shape, so that when the system suggests pieces
to customers, they can be sure that a particular piece is ideal for them. This allows the customer
to be more confident in the whole new experience, to need less and less the help of a store
assistant (with the caveat that they remain indispensable), and will bring more convenience to
the customer, as it saves effort, time and facilitates the whole process, by compiling all the
processes into a single Al system (robots or virtual assistants).

Through what was concluded, it is possible to realize that respondents still have concerns
about what these services can offer them, doubting their quality and the benefits they can bring.
Thus, brands need to teach the customer and demonstrate how these services work and the
benefits they can bring to his life and improve his experience. Luxury brands, even fashion
brands, have many opportunities to show their customers how Artificial Intelligence can be an
ally for them. Large luxury brands can use their runway shows, magazines, social media, or
stores to perform this demonstration. This can also be a lever to increase further the idea of

exclusivity, innovation, and creativity, which are hallmarks of this brand.
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In order to implement this type of technology in stores, the communication of the stores
has to emphasize the benefits, i.e., how much customers” experience can be improved. Thus,
the communication of the brands must highlight these benefits, mitigating some uncertainties
that customers may have regarding the use of these services (Moore et al., 2022), in addition to
helping the customer understand how these services work, as mentioned above.

To combat the need customers have to interact with a store assistant, virtual
robots/assistants must work with the store staff. In other words, these systems cannot be
implemented as a replacement for in-store assistants but rather as an aid to providing a better
and more unique customer experience. As shown in this study, the Need for Human Interaction
is very relevant for customers, so these systems will have to work as a support to the store
assistants, i.e., as a tool that allows access to data much more quickly, facilitating the entire
shopping process, because all previously separate processes may be compiled into a single
service.

Luxury fashion brands can also use the information they collect from customers to
understand what products are most in demand and meet those needs since they can compile the
information of what customers are looking for and want in their closets. As a result, Al will
allow fashion brands to predict trends, better understand their consumers' preferences, and thus

manage their products more efficiently.

5.3. Limitations

It is necessary to keep in mind that all studies have their limitations and their boundaries. These
limitations are often related to the methodology, the research method, or the cultural and
demographic context in which the study was conducted.

One of the limitations of this study is related to the respondents' nationality. All but two of
the respondents are of Portuguese nationality. This may influence the study since it focuses
much on Portuguese culture and mentality. In addition, this impacts the study because cultures
may have different opinions and a greater or lesser propensity to adopt these new systems than
what was studied in this dissertation. Thus, it is not easy to use this study in any context other
than the one in which it was conducted.

The research being quantitative is also a limitation. Considering that the subject of this
dissertation is still abstract to most people, the numerical answers do not express opinions,
doubts, or thoughts that the respondents might have. Thus, and despite the contextualization
given in the survey, some doubts about the theme of this dissertation may not have been

clarified, influencing the answers given.
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Another limitation of this study was that it was applied to the luxury fashion context.
Several factors influence people's propensity to buy (or not) these products, so the study being

limited to the luxury context may have influenced the answers obtained.

5.4. Future Research

Future research could investigate this topic in other countries, and consequently in other
cultures, to understand to what extent culture can influence adopting these systems in Luxury
Fashion Retail.

It would also be essential to test other research methods allowing for more dialogue, where
respondents could express their thoughts and opinions, thus providing a broader context. It
would also be essential to include in the following research the demonstration of how these
systems work so that future respondents have more knowledge of the subject and that their
answers refer to a situation they have already experienced. In addition, future research could
look at post-purchase scenarios, i.e., how people perceived the benefits and harms of using this
service.

In addition, researchers can also address whether age influences the adoption of these
services with embedded Al since younger generations have already been born into a digital
world and have more significant contact with technology.

Given that the Need for Human Interaction was a crucial variable in this dissertation, it will
be necessary to consider this variable in future research to gauge the extent to which this need
will hinder the widespread implementation and subsequent adoption of these Al systems. Thus,
it is also essential to include in future research whether workers can adopt these systems in their
day-to-day jobs. Finally, it is crucial to understand whether workers are likely to work with

these new systems, which are increasingly becoming a reality.
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7. Appendices
Appendix A — Online Survey

ISCTE £ Instituto Universitdrio de Lisboa

Portugués B

No ambito da minha dissertagao de Mestrado de Marketing da ISCTE Business School, que tem como tema
“Inteligéncia Artificial na Moda de Luxo”, este questionario foi desenvolvido com o objetivo de melhor compreender
como os consumidores se irdao relacionar com elementos de Inteligéncia Artificial, tais como robés, assistentes

virtuais ou sistemas der dagdo, no pr de compra, e como isso ira influenciar e alterar a sua intengao
de compra nas marcas de luxo.

Este estudo assegura o anonimato e a confidencialidade dos dados obtidos, respeitando todos os requisitos de
uma pesquisa ética. A divulgagao é reservada para fins exclusivamente académicos e a recolha e processamento
de dados sera da minha exclusiva responsabilidade.

Gostaria de poder contar com a sua cooperagao nesta investigagao, sendo a sua participagao essencial!

Muito obrigado pelo seu contributo neste trabalho!

Mariana Vitéria

Se tiver alguma davida, ndo hesite em contactar-me através do email mivao@iscte-iul.pt

o[ | 100%

Survey Powered By Qualtrics
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Tenha em atengao as seguintes imagens e respetivas explicagoes.

&PV

Hoje em dia, ja é possivel ser atendido/a por um robd, num contexto de loja de roupa fisica. Este podera ajuda-lo/a a
escolher a pega ideal para si, tendo em conta as suas compras anteriores, combinagdes com pegas que ja tenha
adquirido ou até mesmo as suas caracteristicas fisicas.

Os assistentes virtuais sao criados com base em inteligéncia artificial e respondem por comandos de voz ou de texto.
Podem ser utilizados em varios contextos, nomeadamente para ajuda da vida diaria, exemplo disso sdo a Alexa ou o
Google Home. No contexto de moda, estes assistentes virtuais tém a fungao de lhe recomendar pegas, encontrar o
conjunto perfeito para si, dar-lhe detalhes sobre determinado produto, tendo por base as suas preferéncias, compras
anteriores, caracteristicas fisicas ou até mesmo fundamentando-se nas suas publicagoes/interagdes nas redes sociais.
Para além disso, poderao servir de ferramenta de apoio aos assistentes de loja.

(ml [ 100%

Survey Powered By Qualfrics
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Portugués £
Responda, por favor, consoante o seu nivel de concordancia com as seguintes frases. Tenha em atengao que tera
de escolher um numero entre 1 e 7, em que 1 significa "Discordo totalmente" e 7 significa “Concordo totalmente”.
4 - Nao
concordo
1 - Discordo nem 7 - Concordo
totaimente 2 3 discordo 5 6 totaimente
Sentir-me-ia descontraido/a ao
falar com robds/assistentes
virtuais.
Eu apreciaria a interagao com
robds/assistentes virtuais.
Eu sentir-me-ia satisfeito/a ao
ter uma conversa com
robds/assistentes virtuais.
4 - Nao
concordo
1 - Discordo nem 7 - Concordo
totaimente 2 3 discordo 5 6 totaimente
Aprender a utilizar um
robd/assistente virtual seria
facil.
Seria facil tornar-me habilidoso
na utilizagao de um
robd/assistente virtual.
A utilizagao de um
robd/assistente virtual seria
clara e compreensivel.
Um robd/assistente virtual seria
facil de utilizar.
4 - Nao
concordo
1 - Discordo nem 7 - Concordo
totaimente 2 3 discordo 5 6 totaimente

A minha visdo sobre os servigos
que um robd/assistente virtual
pode prestar € muito boa.

De uma forma geral, ficaria
satisfeito com os servigos
prestados por um
robd/assistente virtual.

De uma forma geral, um
robd/assistente virtual ajudaria a
elevar a qualidade de servigo a
exceléncia.

Considero que os servigos
prestados pelo robd/assistente
virtual iriam ao encontro das
minhas expectativas sobre o
que considero ser um bom
atendimento.
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1 - Discordo
totaimente

Um robd/assistente virtual
parece-me ser confiavel.

Um robd/assistente virtual
parece-me ser credivel.

Um conselho de um
robd/assistente virtual parece-
me ser fiavel.

1 - Discordo
totaimente

O contacto humano torna o
processo de compra mais
agradavel para mim.

E importante para mim ter um
atendimento personalizado por
parte do assistente de loja.

Eu gosto de comunicar com um
assistente de loja.

Interagir com um
robd/assistente virtual
incomodar-me-ia mais do falar
com um assistente de loja.

1 - Discordo
totaimente

Para me ajudar no processo de
compra, ser-me-ia mais
conveniente interagir com um
robd/assistente virtual.

Utilizar um robd/assistente
virtual permitir-me-ia fazer
varias tarefas ao mesmo tempo.

Eu conseguiria automatizar todo
0 processo de compra ao utilizar
um robd/assistente virtual.

Eu gosto da capacidade que um
robd/assistente virtual teria em

poupar-me tempo e esforgo ao
longo do processo de compra.

Interagir com um robd/assitente
virtual seria facil e
compreensivel.

4 - Nao
concordo
nem
2 3 discordo

4 - Nao
concordo
nem
2 3 discordo

4 - Nao
concordo
nem
2 3 discordo

S E—

6

6

6

7 - Concordo

totaimente

7 - Concordo

totaimente

7 - Concord
totaimente

o]
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62

Considerando o cenario em que tera possibilidade de interagir com um robd/assistente virtual, responda, por favor,
consoante o seu nivel de concordancia com as seguintes frases. Tenha em atengao que tera de escolher um
numero entre 1 e 7, em que 1 significa "Discordo totalmente" e 7 significa "Concordo totalmente®.

4 - Nao
concordo
1 - Discordo nem 7 - Concordo
totaimente 2 3 discordo 5 6 totaimente

Irei interagir com um
robd/assistente virtual,
regularmente, no futuro.

Irei interagir com um
robd/assistente virtual,
frequentemente, no futuro.

Irei recomendar a outras
pessoas 0 uso de um
robd/assistente virtual.

Responda, por favor, consoante o nivel de probabilidade, as seguintes frases. Tenha em atengao que tera de
escolher um nimero entre 1 e 7, em que 1 significa “Muito baixa" e 7 significa “Muito alta".
1 - Muito
baixa 2 3 4 - Neutro 5 6 7 - Muito alta

A minha vontade de comprar um
produto de luxo.

A probabilidade de eu
considerar comprar um produto
de luxo.

A probabilidade de eu comprar
um produto de luxo.

ISCTE £ Instituto Universitario de Lisboa

Portugués B

Qual é o seu género?

Feminino
Masculino

Outro

Que idade tem? (Escolha o intervalo em que se insere).
Menos de 18 anos

18-24
25-34
35-44
45-54

55-64

65 ou mais

Atualmente, em que pais reside?

o I+



Appendix B — List of Constructs, Items and Sources

E1 I would feel relaxed when talking to robots/virtual
assistants
S | 122 Il yvould appreciate interaction with robots/virtual
assistants
E3 I would feel satisfied having a conversation with
robots/virtual assistants.
EOUT |Learning to use a robot/virtual assistant would be easy
EOU? It would be easy to become skilled at using a robot/virtual
Ease of Use assistant
EOU3 The use of a robot/virtual assistant would be clear and
understandable (Song and
EOU4|A robot/virtual assistant would be easy to use Kim, 2021)
Q1 My view on the services that a robot/virtual assistant can
provide is very good
SQ2 Overall, I would be satisfied with the services provided by
. a robot/virtual assistant
Service
Quality SQ3 Overall, a robot/virtual assistant would help to elevate the
quality of service to excellence
I believe that the services provided by the robot/virtual
SQ4 |assistant would meet my expectations about what I
consider to be good service
T1 |A robot/virtual assistant seems to me to be reliable
Trust T2 |A robot/virtual assistant seems to me to be credible (Song and
T Advice from a robot/virtual assistant seems to me to be| <im, 2021)
reliable
NFHI [Human contact makes the buying process more pleasant
1 [for me
NFHI [It is important for me to have personalized service from
Need for 2 [the store assistant (Song et al.,
Human NFHI |, .. . . . 2022
Interaction 3 I like to communicate with a shop assistant )
NFHI [Interacting with a robot/virtual assistant would bother me
4 |more than talking to a store assistant
Cl To help me with the purchase process, it would be more
convenient for me to interact with a robot/virtual assistant
I Using a robot/virtual assistant would allow me to
multitask
Convenience| C3 [ could automate the entire purchase process using a (Malodia et
robot/virtual assistant al., 2021)
Ca I like the ability of a robot/virtual assistant to save me time
and effort throughout the purchase process
Cs Interacting with a robot/virtual assistant would be easy and
understandable
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ITU1

I will interact with a robot/virtual assistant on a regular
basis in the future

Intention to ITU2 I will interact with a robot/virtual assistant often in the| (Hsiech &
Use future Lee, 2021)
I will recommend to others the use of a robot/virtual
ITU3| .
assistant
N PI1 My desire to buy a luxury product @ |
Purchase . . . ) iang et al.,
Intention PI2 |The likelihood that I will consider buying a luxury product 2020)
PI3 |The probability that I will buy a luxury product
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Appendix C — Model fit of Multiple Regression —Enjoyment, Ease of Use, and Service Quality

as independent, Trust as dependent variables

Model Summary
Adjusted R Std. Error of

Model R R Square Square the Estimate
1 .805° .648 .645 91572
a. Predictors: (Constant), Service Quality, Ease of use,
Enjoyment
ANOVA?
Sum of
Model Squares df Mean Square F Sig.
1 Regression 520.375 3 173.458 206.857 .000°
Residual 282.589 337 .839
Total 802.963 340

a. Dependent Variable: Trust
b. Predictors: (Constant), Service Quality, Ease of use, Enjoyment

Coefficients?
Standardized 95,0% Confidence Interval for
Unstandardized Coefficients Coefficients B

Model B Std. Error Beta t Sig. Lower Bound  Upper Bound
1 (Constant) .836 .165 5.059 .000 511 1.161
Enjoyment 175 .049 .204 3.600 .000 .079 271

Ease of use 173 .048 162 3.630 .000 .079 267

Service Quality 459 .054 .509 8.478 .000 .353 .566

a. Dependent Variable: Trust
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Appendix D - Model fit of Multiple Regression — Enjoyment, Ease of Use, and Service Quality

as independent, Need for Human Interaction as dependent variables

Model Summary
Adjusted R Std. Error of

Model R R Square Square the Estimate
1 .634° 402 .396 1.15315
a. Predictors: (Constant), Service Quality, Ease of use,
Enjoyment
ANOVA?
Sum of
Model Squares df Mean Square F Sig.
1 Regression 300.711 3 100.237  75.380 .000°
Residual 448.129 337 1.330
Total 748.841 340

a. Dependent Variable: Need For Human Interaction
b. Predictors: (Constant), Service Quality, Ease of use, Enjoyment

Coefficients?
Standardized 95,0% Confidence Interval for
Unstandardized Coefficients Coefficients B

Model B Std. Error Beta t Sig. Lower Bound  Upper Bound
1 (Constant) 7.814 .208 37.567 .000 7.405 8.223
Enjoyment -.274 .061 -.331 -4.485 .000 -.395 -.154

Ease of use -.057 .060 -.055 -.956 .340 -.176 .061

Service Quality -.256 .068 -.294 -3.747 .000 -.390 -.121

a. Dependent Variable: Need For Human Interaction
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Appendix E - Model fit of Multiple Regression —Enjoyment, Ease of Use, and Service Quality

as independent, Convenience as dependent variables

Model Summary
Adjusted R Std. Error of

Model R R Square Square the Estimate
1 .831% .690 .687 77900
a. Predictors: (Constant), Service Quality, Ease of use,
Enjoyment
ANOVA?
Sum of
Model Squares df Mean Square F Sig.
1 Regression 455.010 3 151.670 249.934 .000°
Residual 204.505 337 .607
Total 659.516 340

a. Dependent Variable: Convenience
b. Predictors: (Constant), Service Quality, Ease of use, Enjoyment

Coefficients?
Standardized 95,0% Confidence Interval for
Unstandardized Coefficients Coefficients B

Model B Std. Error Beta t Sig. Lower Bound  Upper Bound
1 (Constant) .882 141 6.277 .000 .606 1.158
Enjoyment .049 .041 .062 1.175 241 -.033 130

Ease of use .140 .041 144 3.437 .001 .060 .219

Service Quality 551 .046 674 11.959 .000 461 .642

a. Dependent Variable: Convenience
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Appendix F — Model fit of Multiple Regression —Trust, Need for Human Interaction, and

Convenience as independent, Intention to Use as dependent variables

Model Summary

Adjusted R Std. Error of
Model R R Square Square the Estimate

1 774% .599 .595 .99700

a. Predictors: (Constant), Convenience, Need For Human
Interaction, Trust

ANOVA?
Sum of
Model Squares df Mean Square F Sig.
1 Regression 499.445 3 166.482 167.487 .000°
Residual 334.978 337 .994
Total 834.424 340

a. Dependent Variable: IntentionToUse
b. Predictors: (Constant), Convenience, Need For Human Interaction, Trust

Coefficients?

Standardized 95,0% Confidence Interval for
Unstandardized Coefficients Coefficients B

Model B Std. Error Beta t Sig. Lower Bound  Upper Bound

1 (Constant) 1.809 .398 4.541 .000 1.026 2.593

Trust 314 .054 .308 5.847 .000 .208 420

Need For Human -.155 .045 -.147 -3.433 .001 -.244 -.066
Interaction

Convenience 468 .061 417 7.674 .000 .348 .589

a. Dependent Variable: IntentionToUse
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Appendix G - Model fit of Multiple Regression — Intention to Use as independent, Purchase

Intention as dependent variables

Model Summary

Adjusted R Std. Error of
Model R R Square Square the Estimate

1 1712 .029 .026 1.57782
a. Predictors: (Constant), IntentionToUse

ANOVA?
Sum of
Model Squares df Mean Square F Sig.
1 Regression 25.321 1 25.321 10.171 .002°
Residual 843.943 339 2.490
Total 869.264 340

a. Dependent Variable: Purchase Intention
b. Predictors: (Constant), IntentionToUse

Coefficients?
Standardized 95,0% Confidence Interval for
Unstandardized Coefficients Coefficients B
Model B Std. Error Beta t Sig. Lower Bound  Upper Bound
1 (Constant) 2.919 .235 12.420 .000 2.456 3.381
IntentionToUse 174 .055 171 3.189 .002 .067 .282

a. Dependent Variable: Purchase Intention
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